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1.0 Introduction

With approximately 2 billion people (around 58% of the global workforce) primarily engaged in informal
employment worldwide (ILO, 2023a), addressing informality-undeclared work and promoting the transition to
formality-declared work has been high on the agendas of the authorities around the world, given the negative
effect of this phenomenon on people’s working conditions, public budgets, business environments, labour markets,
and societies in general. A wide range of policy measures have been developed over the last few decades to
address informality, whereby the aim is typically to eliminate socially unacceptable activities and formalise
those that are inherently legitimate (European Commission, 2023; ILO, 2013). Indeed, the transition to formality
brings many benefits, as shown in Figure 1.

Figure 1. Benefits of the transition from the informal to the formal economy

For individuals - .
(workers, entrepreneurs) For businesses For society

*Improved access to decent *Greater access to business Fairer access to opportunities
working conditions and services, finance, markets and and improved social mobility
stronger labour and social skills development «Greater social cohesion
protection elreigl e *Increased fiscal space /

*Improved access to *Increased inclusion in supply Stronger public finances
representation and national chains, technology transfer, «Greater tax fairness
policy dialogue productivity gains and - Stronger trust

+Realisation of fundamental improved competitiveness
principles and rights at work Fairer competition

*Reduced influence of
corruption and greater respect
for commercial contracts

Source: based on the presentation by the ILO at the ELA-ILO Workshop on 10-11 December 2025

However, to understand what policies to develop and whether the interventions applied in a certain
geographic area have been effective, and to what extent, one must have reliable figures on the prevalence,
characteristics and consequences of informality-undeclared work before and after the introduction of the
measures. As a result, the development of reliable estimation methods has progressed alongside the efforts by
national authorities and international organizations to formulate/design and implement effective policy measures.
This dynamic secures that better data supports the creation of better policies and improved policies encourage
the production of more accurate data (Horodnic et al., 2024).

In 2023, the 21st International Conference of Labour Statisticians (ICLS) adopted a new Resolution on
statistics concerning the informal economy, replacing the previous standards in this area. This new framework
broadens the scope of previous statistical definitions on informal employment and informal sector and provides for
the first time a statistical definition of the overarching concept of informal economy. A significant aim of the new
standard is to enhance the relevance of informality measurements in high-income countries, expanding the overlap
with the issue of undeclared work — a term widely used across Europe.

A first joint workshop organised by the European Labour Authority (ELA) and the International Labour
Organization (ILO) was held on 10-11 December 2025 in Turin to provide an overview of existing
international statistical standards and commonly used estimation strategies and methods for measuring
informality and undeclared work. The aim was to enhance the capacity to understand, analyse and
measure informality and undeclared work in support of evidence-based policymaking. The workshop
brought together more than 60 participants from enforcement authorities, policy-making institutions, statistical

offices, academia, and other relevant stakeholders.
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This output paper provides a broad outline of the main ‘estimation philosophies’ by briefly describing the
most commonly used methods for measuring informality and undeclared work, without focusing on technical
details. The paper is enriched with information shared during the presentations on diverse applied
measurement methodologies and national experiences of participants, including exchanges on common
challenges and the policy relevance of reliable data. It is further complemented by the outcomes of the
interactive working group discussions focusing on issues related to data needs, the role of enforcement and
other national authorities as users and producers of data, and inter-agency cooperation.

As such, the paper is organised as follows. Section 2 defines the key concepts of the informal economy and
undeclared work and clarifies their main dimensions. Section 3 provides an overview of the main measurement
approaches used to estimate informality and undeclared work, including indirect methods, model-based methods,
direct methods, discrepancy methods, and multi-method approaches, and concludes with a note on the
comparability of estimates across countries and methodologies. This section also briefly describes the methods
and experiences shared by participants during the plenary sessions. Section 4 synthesises the key insights
emerging from both plenary sessions and parallel working group discussions. It first examines why measuring
informality and undeclared work matters, then discusses data needs and the main data providers, presents the
key challenges in measuring informality and undeclared work, and outlines opportunities and practical suggestions
to strengthen measurement. Section 5 presents the references used in the preparation of this paper.

2.0 Defining the informal economy and
undeclared work

The nomenclature of economic activities that bypass official records and the accompanying definitions have
evolved together with our knowledge about the drivers, structure and prevalence of such activities. For instance,
the early scholars believed that informal ways of operating represent a residue of the pre-industrial era and, as
such, exist only in underdeveloped economies (Geertz, 1963; Hart, 1973; Tokman, 1978). Foundational terms
such as the informal sector, parallel economy and unregulated economy were based on the idea that the formal
and informal spheres were unrelated, whereby the latter was viewed as a temporary phenomenon that would
disappear once states achieved a sufficient level of economic development (Hart, 1973).

However, the resilience of unregulated activities in low-income countries, together with their persistence in the
high-income ones, has sparked a long-lasting discussion on the most appropriate terminology, definition and
classification of such activities. Consequently, a three-digit number of terms and related definitions have been
devised in the last few decades, many of which are still used (see Table 1)’.

While part of this diversity has to do with the complexity of human activities in general, convenience has also been
playing an important role in this respect. For instance, since tax authorities strive to increase compliance with tax
legislation, they are predominantly focused on intrinsically legitimate transactions that were intentionally not
reported (HMRC, 2025; IRS, 2016). Labour inspectorates, on the other hand, approach the issue from the labour
supply side, focusing primarily on (non)compliance with employment regulation. Statistical offices take a much
broader perspective, aiming to account for all productive activities, including those not traded on the market,
regardless of their legal status or economic context (Eurostat, 2021; OECD, 2002). This broader conceptualisation
is also reflected in the framework adopted by the ILO, notably in the 21st ICLS resolution, which recognises forms
of informality beyond employment, such as unpaid work activities. Finally, other stakeholders, such as academics,

' It is important to stress that the terms provided in Table 1 are not synonyms. More importantly, some are defined following
agreed international standards, while others are not.
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trade unions, business associations and various non-governmental organisations, adjust/adapt the terminology
and definitions to suit their specific needs?.

Table 1. List of the adjectives and nouns used to label informal economic activities

Adjectives Bazaar Grey Moonlight Second Unexposed
Black Hidden Non-observed Shadow Unobserved
Cash-in-hand lllegal Non-official Submerged Unofficial
Clandestine lllegitimate Occult Subterranean Unorganized
Concealed Illicit Off-the-books System D Unrecorded
Diverse Informal Other Twilight Unreported
Dual Invisible Parallel Undeclared Unregulated
Everyday Irregular Peripheral Underground Untaxed
Ghetto Marginal Precarious Under-the-table

Activity Economy Enterprise Employment Sphere
Economic Endeavour Entrepreneurship  Sector Work
activity

Source: Williams & Schneider (2016)

While acknowledging the fact that some of the remaining terms from Table 1 are still in wide usage, the workshop
discussions were centred around the concepts of undeclared work and the informal economy. Undeclared work
refers to “any paid activities that are lawful as regards their nature, but not declared to public authorities, taking
into account differences in the regulatory systems of the Member States” (European Commission, 1998, p. 4). This
term was introduced by the European Commission and is actively used by EU institutions and relevant national
bodies of many EU Member States. In its essence, undeclared work embraces all activities carried out by
companies and individuals that would generate public revenue if formally reported. However, besides tax
evasion purposes, these otherwise legitimate activities can remain hidden from the authorities for other reasons,
including the circumvention of specific labour regulations (for instance, minimum wage requirements, limits on
working hours and occupational safety standards) and the avoidance of various administrative procedures.

It is important to stress that undeclared work does not include criminal activities, nor those that are not traded on
the market (e.g. self-provisioning, unpaid help to members of one’s social circle and volunteering). In addition, the
term undeclared work does not apply to activities that do not generate added value. On the other hand, according
to this activity-based definition, undeclared work does include emerging illicit schemes associated with non-
standard and atypical employment arrangements (e.g., unreported transactions related to platform work, on-call
work, and piece-rate arrangements, among others), as well as hidden agreements within registered employment
(e.g. envelope wage or formal employment with partly informal activities).

Undeclared work is closely linked to the ILO’s concepts of informality and the informal economy. The first
international statistical standard defining the informal sector was adopted in 1993, followed by a standard on
informal employment in 2003. In 2015 the ILO introduced a normative standard through Recommendation No.
204 on_the Transition from the Informal to the Formal Economy?, providing both a normative and a

2 Besides, directly affecting the choice of methods, this complexity also creates problems when trying to compare the results.
Specifically, while statistical offices are interested in knowing what percentage of total GDP remains out of their scope, tax
administrations commonly choose the amount of collected taxes as a reference value. Labour authorities and other institutions
approaching the issue from the employment side (including the International Labour Organization — ILO), on the other hand,
typically present their estimates in the form of percentages of total employment.

3 However, it is important to stress that formalisation should not be seen as an objective in itself, but rather as a means
to achieve broader goals, including the promotion of decent work, social justice and sustainable development (based on the
presentation by the ILO at the ELA-ILO Workshop on 10-11 December 2025).
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developmental framework for addressing the informal economy in its entirety and diversity. In 2023, the 215t
International Conference of Labour Statisticians (ICLS) adopted a new Resolution on statistics concerning
the informal economy, which aimed at clarifying the statistical domain of informality. The Resolution, that
replaces the previous statistical standards, provides a comprehensive statistical framework, offering greater clarity
on the different components and definitions of informality, the operational criteria to be applied, and the ways in
which these elements can be combined. It also reflects an important alignment between economic statistics, as
set out in the System of National Accounts (SNA), and labour statistics. The concepts and guidance contained in
the Resolution have been integrated into the latest 2025 SNA, further strengthening international coherence in the
measurement of informality. Broadly, according to the 21st ICLS Resolution, informality can be understood as a
‘state’ in which productive activities carried out by persons or economic units are not - in law or in practice
- effectively covered by formal arrangements (ILO, 2023b, p. 5). This means that the persons, economic units
and the activities they undertake are not adequately covered by the regulations and procedures intended to protect,
regulate and govern the functioning of economic units, individuals and their activities. Accordingly, the lack of
coverage — in law or in practice — reflects two different situations, as described in Figure 2 below.

Figure 2. Two pathways to informality: lack of coverage in law and in practice

Implementation gaps:
covered in law but not in practice

Legal coverage gaps

In practice: covered by law but both
protections & obligations are not implemented

In law: Activities can be informal because they in practice: lack of compliance

fall outside of the scope of labour, social or fiscal

laws (ex. exemption from regulations; not legally Examples: when employers do not affiliate or

eligible to protections) pay contributions to social security on behalf of
their employees or when enterprises are not
registered despite legal obligations

Both situations generate informality. i.e. the enterprise or worker do not have coverage by formal

arrangements that reduces their economic and personal risk associated with the work/production

Source: based on the presentation by the ILO at the ELA-ILO Workshop on 10-11 December 2025

The informal economy encompasses “all informal productive activities of persons or economic units, whether or
not they are carried out for pay or profit” (ILO, 2023b, p. 6) As is the case with undeclared work, the informal
economy excludes activities forbidden by law and the activities that do not result in any added value. The informal
economy can be viewed as an overarching concept that sets the outer boundaries of informality and outlines its
different components. It recognizes the existence of informality in relation to activities or persons and economic
units undertaken for pay or profit, as well as those that are done with a different intention, such as own-use
production work, unpaid trainee work and volunteer work. The core components in the 21t ICLS resolution do,
however, encompass activities and production carried for pay or profit. This is captured by the concept of the
informal market economy, which comprises “all production for pay or profit in the informal sector and all
productive activities of workers in employment that are — in law or in practice — not covered by formal
arrangements” (ILO, 2023b, p. 6). Besides informal employment (within the formal, informal and household own-
use and community sectors), the informal market economy also covers partly informal productive activities
conducted for pay or profit within a formal job. Table 2 illustrates the structure of the 213t ICLS resolution framework
for the Informal productive activities by economic units in the informal economy, highlighting the substantial
overlap between the informal market economy and undeclared work. A similar framework, presenting a
different perspective and comprising the Informal productive activities by persons in the informal economy, is also
provided in the Resolution.
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Table 2. Informal productive activities by economic units in the informal economy

Economic units Il Informal produstion

Sector Formal sector Informal sector* Household own-use production and
community sector
Informal productive Production in the All production by Production by Informal household
activities by economic formal sector is informal household informal employees | own-use
units formal unincorporated engaged by production, non-
market enterprises households and formal non-profit
non-formal non- organizations and
profit organizations | direct volunteer
work
Form of For pay Informal employment* | Informal Informal
informal work | or profit employment* employment*
as input to Partly informal Partly informal
production productive activities productive activities
of persons in formal of persons in formal
employment* employment*
Not for Informal unpaid Informal unpaid Informal unpaid
pay or trainee work trainee work trainee work
profit Informal volunteer Informal volunteer Informal volunteer
work work work
Informal own-use
production work
Relation to SNA* Goods and services Goods | Services
production boundary SNA production boundary
SNA general production boundary

Notes: * Components of the informal market economy | SNA = System of National Accounts
Source: ILO (2023b)

Although detailed discussions of these definitions fall beyond the scope of this paper, it should be noted that
such granulation facilitates a focus on specific areas of the informal sphere during estimation, while also
paving the way for multi-method estimation approaches. Precisely this interdependence between WHAT is
measured and HOW it is measured is the subject of the remaining parts of this outcome paper.

3.0 An overview of available measurement
approaches

3.1 Indirect methods

The earliest attempts to quantify informal activities, which can be traced back to the late 1950s, were grounded on
the assumption that no economic transaction can remain fully hidden (Feige, 1979; Gutmann, 1977). Accordingly,
the pioneers of this field hypothesised that careful evaluation of key macroeconomic indicators could fully disclose
the dynamics of informality. However, following the scarcity of official statistics and limited computing resources at
that time, these foundational estimation procedures commonly relied on a single macroeconomic indicator and a

“ Detailed descriptions of the terms from Table 2 are given in ILO (2023).
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simple mathematical equation relating this indicator to some reference statistics (e.g., GDP or the baseline value
of the same indicator).

The efforts to identify the most suitable indicator led to the development of several so-called ‘indirect methods’,
with the name of a particular method usually reflecting the choice of the indicator. For instance, the currency
demand approach has postulated that any unexplained change in the demand for cash can be fully attributed to
the proportional change in the prevalence of unreported transactions (Gutmann, 1977). Exploiting the assumption
about illicit transactions being made strictly in cash, this estimation strategy hence attributes any increases in cash
circulating in the economy over and above the official GDP growth to the proportional increase of the informal
economy (and vice versa)®.

Likewise, the transaction approach seeks to determine the dynamics of the informal economy by evaluating the
changes in the volume of transactions over time (Feige, 1979). This estimation strategy, which gained popularity
in the late 1970s, assumes that any change in the official GDP would be fully reflected in the corresponding change
in the volume of monetary transactions. Any discrepancy between the hypothesised and actual increase/decrease
in the volume of transactions is consequently attributed to the expansion/contraction of the informal economy.

The electricity consumption method, on the other hand, considers the deviation in the total demand for electricity
within a certain economy from the dynamics of the official GDP as the best estimate of the informal activities
(Kaufmann & Kaliberda, 1996). In the same vein as the previous two estimation approaches, this method treats
any surplus in demand for electricity above the official GDP growth rate as the sole result of the enlargement of
the informal economy?®.

Box 1. Energy consumption method

The energy consumption method represents one of the most popular indirect approaches towards the
quantification of hidden economic activities. This modification of the electricity consumption method extends
the idea of a single-indicator approximator to all sources of energy used in the economy of interest.

Recent applications of the energy consumption method include:

Achim, Postea and Noja (2024). New estimate of shadow economy based on the total energy
consumption. Evidence from the European Union countries (26 EU Member States; 2001-2021).

Sedmikova et al (2021). Energy consumption in assessment of shadow economy (EU Member States
and Ukraine; 2005-2016).

Psychoyios, Missiou and Dergiades (2021). Energy-based estimation of the shadow economy: The role
of governance quality (19 EU Member States; 2007-2013)

Source: authors’ representation

5 To adjust for some important limitations, as well as to acknowledge substantial developments within both the formal and
informal economies, this estimation approach has undergone a series of improvements over time. The Tanzi method, named
after its author, represents the most prominent variant of the currency demand approach (Tanzi, 1980). The notable novelty
brought by the Tanzi method, which is still in wide usage today, is the replacement of the simple mathematical equation evaluating
the dynamics of the variables of interest with an econometric model.

6 Electricity consumption method emerged in the late 1990s as a response to the inability of existing estimation procedures to
capture the flourishing informal economic activities in the post-socialist economies of Europe and Asia. Following the
assumption that small-scale survival activities by individuals represent the bulk of informality in the new democracies, Lacko
(1998) proposed an important modification to the estimation procedure. This particular version of the electricity consumption
approach, which was later named after its author (i.e., the Lacko method), focused solely on the consumption of electricity by
households.

9
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The labour force participation method represents another significant variant of the indirect approach to
measuring informal economic activities. As the name suggests, this method relies on the assumption of a constant
labour participation rate within the observed economy (Contini, 1981). Any change in this particular indicator over
time is therefore ascribed to the movement of workers from the formal economy to the informal one and vice versa.

There is a range of other methods grounded on the premise that a single macroeconomic indicator can fully reflect
the dynamics of informality (see Giles, 1999). The main advantage of these indirect procedures over other
estimation paradigms lies in their straightforwardness, flexibility, low implementation cost and ability to provide
longitudinal estimates. However, the reliance on oversimplified and implausible assumptions, as well as the limited
ability to discriminate between informal and criminal activities, among other weaknesses, resulted in these
methods losing their popularity over time (Thomas, 1999). Nevertheless, even though their applications in the
production of country-wide estimates are currently scarce, indirect methods are still widely used in holistic
approaches for the quantification of the informal economy. This is because they proved to be extremely
handy for the estimation of unregistered activities in hard-to-reach spheres of the economy.

*k%

SUMMARY - Indirect methods
Description

Rely on the assumption that the dynamics of a single macroeconomic indicator can fully mirror the behaviour
of informal or undeclared activities. The choice of indicator then defined different ‘indirect methods’, each
named after the macroeconomic variable it uses to approximate the scale and development of informal
activities.

Most common methods/ strategies

Currency demand approach, Tanzi method, Transaction approach, Electricity/energy consumption method,
Labour force participation method

Examples from practice

= Academic papers (e.g., Achim, Postea and Noja, 2024. New estimate of shadow economy based on the
total energy consumption. Evidence from the European Union countries - 26 EU Member States; 2001-
2021)

Advantages

=  Simple, low-cost and flexible estimation procedures

=  Provide long-term trend information

= Useful for hard-to-reach areas within holistic estimation approaches

Disadvantages

= Based on oversimplified assumptions, leading to potential overestimation

= Not fully clear what exactly is measured (difficult to separate informal from criminal activities)

= Typically, do not provide detailed analysis of population characteristics or diversity needed for tailored
policies

Source: based on presentation by ELA at the ELA-ILO Workshop (10-11 December 2025)

3.2 Model-based methods

In their essence, model-based estimation procedures represent natural extensions of the indirect methods.
Although the first attempts to employ sophisticated statistical models for this purpose date back to the 1980s (Frey
& Weck-Hanneman, 1984), the full potential of these methods came to the fore after the turn of the millennium.
Thanks to enhancements in computing power, methodological advances in the field of econometrics and
improvements in data availability, model-based estimation strategies gained popularity among academics and
certain expert groups over the last few decades.

10
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The most prominent model-based approach is the Multiple Indicators and Multiple Causes method, better
known under the acronym MIMIC (Kelmanson et al., 2021). As can be inferred from its name, this estimation
technique upgrades indirect methods by scrutinising a number of indicators in parallel. A further novelty is the
introduction of known drivers of informality (i.e. causal variables) in the evaluation process. While inheriting the
idea that informal economic activities cannot remain fully hidden, MIMIC brings the reasoning to a higher level by
simultaneously examining both the driving forces of these activities and the effects they have on the formal
economy. This is done through a set of structural equations, whereby the informal economy is treated as a latent
variable’. Following the foundational assumption about the long-term balance between causal and indicator
variables in the absence of external shocks, any deviation from this projected equilibrium is ascribed to changes
in the dynamics of the informal economy (Schneider, 2022).

It is important to mention that the extraction of the latent variable (i.e. the informal economy) is based on an
econometric procedure known as ‘factor analysis’. Although quite powerful, this extraction technique sets limits on
the number of drivers and indicators that can be used in the modelling. The responsibility for the selection of the
input variables, therefore, typically lies with experts applying MIMIC in practice. Despite slight variations in this
respect, the common choices for the causal factors include tax burden, regulatory burden, unemployment rate,
size of the government and institutional quality (Schneider, 2022). When it comes to indicators, GDP growth rate,
currency in circulation and labour force participation rate are among the most recurrently used ones.

Dynamic General Equilibrium (DGE) method is another widely applied model-based estimation procedure.
Unlike MIMIC, which relies on a macroeconomic approach, DGE belongs to a group of microeconomic methods
(Elgin et al., 2021). Grounded on the assumption about the absolute rationality of economic agents, who seek to
maximise their utility, DGE starts from predefined utility functions and a set of baseline constraints. Other key
assumptions underlying DGE estimates are the absence of long-term savings (i.e., all income is spent during the
reference period), non-overlapping of the formal and informal spheres of the economy and labour being the only
input in the informal economy. These simplifications are required in order to devise a system of linear equations,
which are then solved using the technique known as ‘linear programming’ (see Elgin & Oztunali, 2012). Although
calculations are done at the level of individuals (or households), the results are projected to the whole population
in the last step.

Box 2. Informal Economy Database by the World Bank

The most comprehensive source of model-based estimates is certainly the Informal Economy Database (Elgin
etal, 2021). Established in 2021 by the World Bank, the Database compiles estimates of the informal economy
for 196 economies worldwide over the period 1990-2020. For every single country, up to 11 different estimates
using indirect, direct and model-based methods (including MIMIC and DGE) are available. As such, not only
does the Informal Economy Database enable straightforward insight into the various aspects of the informal
practices across the globe, but it also eases comparison between countries.

Source: authors’ representation

The flexibility and adaptability of the estimation methodology, coupled with low implementation cost,
represent the main advantages of the model-based approach over other estimation techniques (Buehn &
Schneider, 2011). A note of caution is, however, needed, as some of these strengths can easily turn into
weaknesses in practical applications. For instance, both MIMIC and DGE have shown high sensitivity to the
modification of model parameters and input data (Breusch, 2016). Another limitation lies in the fact that model-

7 A latent variable is defined as a variable that cannot be directly observed but can be inferred from other observable indicators.
This concept was introduced in the early 20" century by psychologists seeking to assess the 1Q of individuals based on their
results on various tests. MIMIC is essentially a straightforward generalisation of the approach applied by early
psychometricians.
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based methods are only able to capture the relative changes in the dynamics of the observed activities. Converting
these year-to-year variations into annual figures (either as absolute values or as a percentage of official GDP)
hence requires the usage of external estimates (i.e. from other studies) for the reference points (Breusch, 2016).

*k%

SUMMARY - Model-based methods

Description

Built on the logic of indirect approaches, but use more advanced econometric and microeconomic models.
Instead of relying on a single indicator, they extract information on informal activities from a broader set of
observable variables, making the estimation more robust.

Most common methods/ strategies

Multiple Indicators and Multiple Causes (MIMIC), Dynamic General Equilibrium (DGE)

Examples from practice

= [nformal Economy Database by the World Bank (uses both MIMIC and DGE amongst other methods)

Advantages

= Flexible and adaptable modelling approach

= Low implementation cost compared to other techniques

= Able to capture changes in informal activities over time

Disadvantages

= Highly sensitive to changes in model parameters and input data

= Provide only relative dynamics, not the actual size of the phenomenon

= Require external reference points from other studies to convert results into absolute values

= Carry a high risk of overestimation

= Typically, do not provide detailed analysis of population characteristics or diversity needed for tailored
policies

Source: based on presentation by ELA at the ELA-ILO Workshop (10-11 December 2025)

3.3 Direct methods

Direct estimation methods represent the richest source of information on the informal economy and are
widely used around the world. This primarily applies to questionnaire surveys, which can capture not only
information about the pervasiveness but also about the drivers, motivations and consequences of such activities
(Arezzo et al., 2024; Williams & Oz-Yalaman, 2021). This specific insight into the phenomenon of interest assumes
posing a predefined set of questions to a sufficiently large sample of individuals, households, companies or other
agents/units of interest. In general, questionnaire surveys may either incorporate direct questions on
respondents’ involvement in undeclared work or, alternatively, use a sequence of rather indirect questions
intended to deduce worker status with the highest possible accuracy.

Among existing sources, the ILO has developed data collection tools and methodological guidelines for measuring
informal employment, particularly through labour force surveys. In the EU, the Special Eurobarometer surveys
on undeclared work represent one of the largest cross-national data collection efforts that rely on direct
questions to capture both the demand and supply side of undeclared work (see Box 3).

Box 3. Special Eurobarometer Survey on undeclared work in the European Union

First conducted in 2007, the Special Eurobarometer survey on undeclared work in the European Union is one
of the most comprehensive sources of information about inherently legitimate activities that remain hidden
from the authorities in Europe. Covering all EU Member States, the survey provides an insight into both the
demand and supply side of undeclared work, including exact activities carried out, goods and services purchased
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and the monetary aspects of these transactions. While repeating most of the questions, the subsequent waves,
which took place in 2013 and 2019, were adapted to cover other relevant topics and/or investigate deeper into
some emerging practices (e.g. under-declared employment, bogus self-employment and platform work). Despite
slight variations, the survey typically embraces approximately 1,000 individuals per country, identified following
a stratified sampling procedure and interviewed in their homes.

Source: authors’ representation

Another example of a survey conducted with the purpose of measuring undeclared work is the Hidden Economy
Survey, carried out in the United Kingdom (UK). Details about this survey, which uses both direct and indirect
questions, were presented during the workshop by HM Revenue & Customs (HMRC). The types of undeclared
work covered by this survey, as well as its methodology and coverage, are explained in Box 4.

Box 4. Hidden Economy Survey in the UK

The Hidden Economy Survey is a large-scale survey commissioned by HMRC to improve understanding
of undeclared economic activities and support estimation of the hidden economy tax gap. Wave 2 of the
survey took place in 2022, using a random probability panel drawn from the Postcode Address File and
covering adults aged 18 and over across the United Kingdom. A total of 7,755 individuals were issued the
survey, with 5,537 completing interviews. Fieldwork was carried out using web and telephone interviews, and
data were weighted to represent the UK adult population. To help reduce social desirability bias and
encourage honest reporting of sensitive behaviours, the survey was conducted by an independent third-party
research organisation, namely the National Centre for Social Research, rather than by HMRC itself.

From HMRC’s perspective, the hidden economy refers to sources of taxable economic activity that are
entirely hidden from HMRC and involve undeclared income that would normally be taxable if reported. HMRC
directly estimates the hidden economy within personal income taxes through two main components:
moonlighters, who declare at least one legitimate source of income but do not declare additional earnings
from other activities, and ghosts, who do not declare any of their income to HMRC, whether earned (income
from employment or self-employment) or unearned (income from sources such as property lettings or bank
interest). The survey also estimates other aspects of hidden economic activity, such as undeclared VAT
liabilities.

The survey questionnaire is split into two sections: a screening interview for all respondents and an
extended interview for people identified as participating in the hidden economy.

Screening interview: establishes involvement in the hidden economy and collects contextual information
about economic activities, individual and household income, demographic characteristics, and attitudes
towards government spending and the UK tax system.

Extended interview: focuses on the characteristics of hidden economy activities, including duration of
involvement, working hours, estimated income, payment methods, working practices, and attitudes towards
and awareness of tax rules.

Results from Wave 2 indicate that around 8.8% of UK adults participated in the hidden economy, with
approximately 65% classified as moonlighters, 35% as ghosts and 4% as VAT non-registered. Hidden
economy activity is typically temporary, irregular and small-scale, with most activities generating relatively low
levels of income and the majority lasting less than one year. Participation is more prevalent among younger
people (particularly those aged 18—24), people in full-time education, and individuals reporting a more difficult
financial situation.
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The Hidden Economy Survey provides a key input to HMRC’s estimation of the hidden economy tax gap,
which is described in more detail later in the text.

Source: based on presentation by HMRC at the ELA-ILO Workshop (10-11 December 2025)

Questionnaire surveys are also widely recognised as the principal data source for the statistical measurement of
informal employment and the informal economy more broadly, in line with the latest international standards
established by the 21st ICLS. This resolution, which currently guides official measurement practices in more than
one hundred countries, places national household-based surveys, most notably labour force surveys (LFS), at the
core of data collection, complemented by mixed household—enterprise surveys and establishment-based sources.
Box 5 summarises the main concepts and methodological recommendations of the 21st ICLS resolution and their
implications for empirical measurement.

Box 5. The 215t ICLS resolution concerning statistics on the informal economy and direct measurement

of informal employment and the informal sector

Drawing from the 215t ICLS resolution concerning statistics the definition of the informal economy (see above)
encompasses informal jobs and work activities, informal economic units and informal production.

The Resolution provides comprehensive guidance to support countries in the practical
implementation of statistics on these multiple components of the informal economy. It establishes clear
operational definitions grounded in internationally agreed criteria, ensuring that key concepts and components
of the informal economy, such as informal employment and the informal sector, are measured consistently
across countries. Furthermore, the resolution recommends appropriate data sources, notably labour force
surveys and mixed-household surveys, and outlines a set of core and supplementary indicators to facilitate
both data collection and meaningful analysis, thus supporting the link between data and policy.

Direct measurement methods make it possible to go beyond a simple formal-informal dichotomy. Information
collected through surveys and censuses allows for a detailed description of the situation of workers and
economic units in the informal and formal economy. This highlights the heterogeneity and diversity of workers’
and economic units’ needs, working conditions and levels of protection, as well as the economic performance
and productivity of economic units and their contribution to the economy. This information is crucial for
developing evidence-based tailored national, sectoral and targeted policies and interventions that are
responsive to the diversity, aiming to address informality and facilitate transition to formality.

To gather data on the different components of and dimensions in the informal economy, various data sources
— each with its own strengths and limitations — are often viewed as complementary. Household-based
surveys — particularly labour force surveys (LFS) — remain the principal source of statistics on informal
employment and employment in the three sectors (formal sector, informal sector, and household sector).
Since the adoption of the first international statistical definitions of employment in the informal sector in 1993
and of informal employment in 2003, an increasing number of countries have integrated relevant questions
into their LFS, allowing for the systematic identification of persons with informal jobs as well as those employed
in the formal, informal, or household sectors. Today, more than one hundred countries produce such
estimates, many of them on a continuous basis.

Labour force surveys are particularly suitable for measuring informal employment because of their
comprehensive coverage of the working-age population and their focus on persons and jobs as the unit of
observation. A well-designed sequence of questions can identify the employment status, type of enterprise,
registration and contribution to social security, and other job characteristics that determine whether
employment is formal or informal. LFS data thus provide the foundation for: 1) monitoring the extent and
dynamics of informality and formality; 2) identifying groups most exposed to and most represented among
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informal jobs; 3) assessing the working conditions, levels of protection and vulnerability of individuals in formal
and informal jobs; and 4) determining the drivers of informality linked to socio-demographic factors,
employment characteristics, and the structure of the labour market. Given their periodicity, established
sampling frames, and comparability across countries, labour force surveys are generally recommended as
the main source for generating internationally comparable statistics on informal employment and employment
in the three sectors.

With a focus on economic units, the informal sector and informal production, economic censuses,
enterprise-based surveys, and mixed surveys are the key sources for analysing formal and informal economic
units, their production, their contribution to GDP, and their characteristics. When using these sources, careful
attention must be paid to ensure that the scope of activities and the type of economic units covered (e.g., size,
place of work, sector) do not unintentionally exclude units likely to be informal (e.g., independent workers
without employees, units below a certain size threshold, or home-based activities).

Mixed surveys — also referred to as combined household-establishment surveys or 1-2 or 1-2—3 surveys —
which capture more detailed information on the informal sector and its production, are specifically designed
to overcome these exclusions. These multi-stage surveys typically use a representative household survey,
often the LFS, as the first phase to identify owners of informal sector enterprises. A second phase follows up
directly with these enterprises to collect information on production, inputs, sales, and employment
characteristics. This design enables the inclusion of all types of informal activities — home-based, fixed-
location, and mobile — and provides a more direct estimate of the size and contribution of the informal sector
to the economy. Careful sampling is required to ensure adequate representation of informal sector units,
particularly given their heterogeneity and high turnover.

Together, labour force surveys and mixed surveys constitute the basis of empirical measurement of
informality. The LFS provides the person-level information necessary to understand the characteristics and
distribution of informal employment, while mixed surveys offer the enterprise-level data needed to assess the
scale, structure, and economic contribution of the informal sector. Used in combination, they enable a more
comprehensive and coherent picture of the informal economy and its linkages with undeclared and formal
work.

Source: based on ILO input on the 21st ICLS resolution concerning statistics on the informal economy

An example of national practice in assessing informal employment through a sequence of questions
embedded in the labour force survey, the National Occupation and Employment Survey, was presented
during the workshop by the Instituto Nacional de Estadistica y Geografia (INEGI, National Institute of
Statistics and Geography) of Mexico (Box 6). This approach is consistent with earlier ICLS recommendations,
but it has not yet been fully updated in line with the latest guidance of the 21st ICLS resolution.

Box 6. Measuring informal employment through the Labour Force Survey in Mexico

In Mexico, informal employment is measured through the National Occupation and Employment Survey
(ENOE), a monthly and quarterly household survey that covers the national territory and multiple geographic
levels (4 locality sizes, 32 federal entities, 39 cities) and whose conceptual framework is underpinned by
international standards established by the ILO. Accordingly, informal employment refers to all persons
who, during a given reference period, were employed in production units in the informal sector or in economic
units outside the informal sector without social security protection. The operational measurement of
informal employment includes:

a. those employed in informal sector production units;
b. those employed in domestic services without social security;
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c. those employed in formal production units without social security;
d. those employed in subsistence farming, on a small scale or without social security; and
e. those employed without remuneration.

The basic sequence for measuring the informal employment is detailed in Figure 3.

Figure 3. Decision tree for assessing
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informal and formal employment using ENOE in Mexico
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Note: The criterion for defining informal employment is social security, and in the case of agricultural activities, criteria
such as the destination of production, size of the business, and employment status were considered.

tackling undeclared work

Based on the described methodology, the results for the second quarter of 2025 indicate that the number of
persons in informal employment (approximately 32 million) exceeds those in formal employment
(approximately 27 million), as shown in Figure 4.

Figure 4. Employment by informality status in Mexico, second quarter of 2025
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Source: based on presentation by INEGI Mexico at the ELA-ILO Workshop (10-11 December 2025).

16



ELASE

EUROPEAN LABOUR AUTHORITY

£ N .
‘?ﬁ.@‘b Il?tgrnatlonal European Platform
!l iy abour tackling undeclared work

{w Organization

Another example of national practice in measuring informal employment with Labour Force Survey was
presented by the National Statistics Office of Georgia. In Georgia, the LFS has been conducted since 1996 as
part of the Integrated Household Survey and, since 2017, as an independent survey. Until 2020, the survey
followed standards adopted by the 13t ICLS, and since 2020, it has been aligned with the latest ILO standards
adopted by the 19t ICLS. However, it is not yet fully aligned with the 215t ICLS resolution. As shown in Box 7, the
questions used to assess informal employment differ noticeably and are tailored to the national context, where the
sole employment-based social security benefit currently in place is the Accumulated Pension Scheme (operational
since 2019).

Box 7. Measuring informal employment through the Labour Force Survey in Georgia

In Georgia, informal employment is measured through the Labour Force Survey, which is carried out on a
quarterly basis, with a sample size of approximately 3,400 households prior to 2017 and about 6,400
households thereafter. The sample is selected using a two-stage stratified cluster random sampling design,
with stratification by region and urban/rural areas. Census enumeration areas serve as primary sampling units,
while households constitute secondary sampling units. A 2-(2)-2 rotation scheme is applied, whereby
households are interviewed for two consecutive quarters, rotated out for two quarters, and then interviewed
again for two quarters. The target population comprises all persons aged 15 years and older.

Informal employment includes all employed persons who are not covered, or are insufficiently covered, by
formal employment arrangements. Employment in the agricultural sector is excluded from this measurement.
The operational measurement of informal employment includes situations when:

Income tax is not withheld, or
The employee does not receive paid annual leave, or
The employee does not receive paid sick leave, or
The employer does not contribute to the pension fund (applicable from 2020), or
The employed person is a contributing family worker, or

f. The enterprise where the person works is not registered.
Figure 5 presents the basic sequence of questions used for the measurement of informal employment.
Adaptation to the 215t ICLS definitions is currently underway. The main changes, highlighted in green in Figure
5, show how decision paths are modified to directly assess informality in cases of “don’t know” responses or
short-term contracts.

® oo oo

Based on the described methodology, the 2024 results indicate a labour force of approximately 1.63 million
persons and a labour force participation rate of 54.8 per cent, with higher participation among men (66.2 per
cent) than women (44.9 per cent). Total employment amounted to 1.40 million persons, corresponding to an
employment rate of 47.1 per cent (55.6 per cent for men and 39.9 per cent for women), while the unemployment
rate stood at 13.9 per cent (16.1 per cent for men and 11.1 per cent for women). In terms of sectoral distribution,
employment was concentrated in services (62.2 per cent), followed by agriculture (16.0 per cent), industry (12.9
per cent), and construction (8.9 per cent). Informal employment remains a significant feature of the labour
market. In 2024, the informal employment rate stood at 29.1 per cent, higher among men (34.2 per cent) than
women (23.3 per cent), and more prevalent in rural areas (34.4 per cent) than in urban areas (26.8 per cent)
(Table 3).

Figure 5. Questions used to assess informal employment and the informal sector using the LFS in
Georgia

Questions for employees Questions for all employed
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B18. Is the amount of income tax withheld from your B27. Is the enterprise/farm/business where
remuneration? you work registered?

1. Yes —» B19 1. Yes

2. No (Informal job) 2. Is being registered

3. No, because | have tax (age) privilege — B19 3. No (Informal sector)

98. Do not know — B19 4. Do not know (informal sector)

B19. Do you benefit from paid annual leave?

1. Yes — B20

2. No (Informal job)

3. No, | have short-term contract — B20 (informal job)
98. Do not know — B20 (informal job)

B20. Do you benefit from paid sick leave?

1. Yes — B21

2. No (Informal job)

3. No, | have short-term contract — B21 (informal job)
98. Do not know — B21 (informal job)

B21. Does your employer pay contributions to the
pension fund for you?

1. Yes

2. No (Informal job)

3. No, | have age privilege

98. Do not know

Table 3. Share of informal employment in non-agricultural employment in Georgia, 2024

Source: based on the presentation by the National Statistics Office of Georgia at the ELA-ILO Workshop (10—-11 December
2025).

Besides inquiring about involvement in various types of informal activities, the questionnaire surveys also typically
evaluate respondents’ opinions about other important aspects, such as dishonest behaviour of their peers, the
quality of relevant institutions, and their own actions in hypothetical scenarios (European Commission, 2020).
Accordingly, questionnaire surveys also represent a valuable source of information for the authorities, academics
and experts about the drivers of illegitimate activities of interest.

However, the sensitivity of the discussed matter commonly leads to many interviewees providing dishonest
answers (i.e. denials of involvement) or refusing to answer certain questions. Consequently, this type of direct
inquiry regularly underestimates the real magnitude of the observed activities. Besides substantial improvements
concerning statistical remedies in the post-interviewing stage (Arezzo et al., 2024), there are also some noteworthy
examples of strategies to mitigate this ‘social desirability bias’ during the course of interviews (see Box 8).

Box 8. Dealing with social desirability bias in questionnaire surveys — examples from Bulgaria and

Baltic countries

To reduce the effect of the social desirability bias, the longitudinal assessment of the illicit economic activities

in Bulgaria (covering the period 2002-2015) relied on an indirect extrapolation of the information from two

questionnaire surveys (Center for the Study of Democracy, 2016). Specifically, instead of being asked

directly about their involvement in informal transactions, the participants in the annual population
18
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survey were posed a range of indirect questions concerning key aspects of their work engagement.
To enhance the reliability of the responses, the key aspects were re-examined at a later stage of the survey
in a rephrased form. Their responses were later combined into a unique indicator showing whether (parts of)
their work efforts can be deemed informal. For instance, the interviewees were asked about the portion of
their wage covered by social security contributions, instances of remuneration higher than amounts stated in
their contract, agreements with respect to who pays the healthcare insurance and in what proportion, and so
on. The transformation of raw answers to the final composite index followed a pre-defined and robust
statistical procedure. The second part of the estimation approach was based on a representative business
survey, with the difference that this time participants were not questioned about the illicit activities of the
companies they represented, but were instead asked to estimate the prevalence of such activities in their
sector, as well as in the economy as a whole. These estimates were in the last stage projected to the whole
economy, again following well-documented methodology.

The use of indirect questioning within direct methods was further advanced in the calculation of the Shadow
Economy Index for the Baltic Countries®. In this particular case, the questions about the informal activities are
incorporated into a survey on the satisfaction with the government. The survey specifically targets company
owners and managers, who are considered to be in a unique position due to their direct involvement in
business operations and their informed perspective on practices within their sector. As such, they are well
placed to provide informed estimates of various types of undeclared activities undertaken in their industry. To
ensure representativeness, a random stratified sampling technique is employed, allowing the construction of
samples that accurately reflect the population of firms in each country. The survey has been conducted on an
annual basis since 2009 and includes approximately 1,500 entrepreneurs and managers each year, with
around 500 respondents per country. It focuses exclusively on the previous two years rather than the current
period. For instance, the survey conducted between January and March 2025 collects information on
undeclared activities during 2024 and 2023. The deliberate overlap of one year across consecutive survey
rounds, for example, gathering information on 2023 in both the 2024 and 2025 rounds, serves as an important
mechanism for validating the consistency and reliability of responses over time (Sauka and Putnins, 2024).
In addition to questions addressing the quality and effectiveness of state institutions, respondents participating
in this representative annual survey are also asked to assess the prevalence of various illegitimate practices
among their competitors. These include, for example, the under reporting of business income or profits, the
under reporting of the number of employees, and the under reporting of wages or envelope wages. Under the
assumption that the respondents actually anchor those estimates in their own behaviour, the provided figures
are first converted into a single estimate for each surveyed company and then projected to the whole
population following a set of robust mathematical transformations.

Source: authors’ representation

The audit approach represents yet another strategy to assess the nature and prevalence of noncompliant
behaviour in a direct manner. Restricted to the enforcement bodies, this approach assumes preparing and
comprehensively conducting large-scale audit campaigns, whose results are later projected to the whole
population of interest (Brown & Mazur, 2003; IRS, 2016). In its general form, the audit approach requires
preselecting a set of agents (individual taxpayers, self-employed individuals, companies, etc.) whose operations
are thoroughly inspected so as to determine discrepancies between the reported figures and the real state of
affairs. After the whole process is finalised, the differences which the inspected agents did not manage to explain
and/or justify are properly accounted for and generalised accordingly (Brown & Mazur, 2003). In this particular
case, the resulting sample is typically non-representative (given that the exact population is generally not known

8 This methodology was later adapted to and applied in Romania and Moldova (Davidescu et al., 2022; Putnin$ et al., 2019).
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precisely due to the existence of fully undeclared agents), which requires the application of more sophisticated
projection procedures.

An example of how inspections are used to measure undeclared work and calculate risk indicators that inform
further inspection campaigns and policy measures was presented during the workshop by the Social Information
and Investigation Service (SIIS) in Belgium, as described in Box 9 below.

Box 9. Measuring undeclared work in Belgium by SIIS

Belgium has a long-standing commitment to evidence-based enforcement in tackling undeclared work and
social fraud. As part of this commitment, strong emphasis is placed on measuring undeclared work as a basis
for designing policies and enforcement actions. To operationalise this approach, Belgium applies a three-step
process, moving from data collection to analysis and finally to policy and enforcement decision-making.

Step 1 focuses on collecting relevant data. SIIS coordinates a centralised database that brings together
standardised inspection reports from different inspection services. The database covers several enforcement
domains, including labour law, wellbeing at work, social security (including self-employed workers), sickness
and invalidity, and unemployment. The use of common inspection forms and a shared database ensures that
information is recorded in a consistent way and can be combined across authorities for analysis.

Step 2 consists of defining undeclared work in operational and legal terms. Belgium relies on the Criminal
Social Code as the legal basis, which standardises the classification of infringements related to undeclared
work. These include, among others, information extracted from databases covering DIMONA registration of
employment relationships, part-time work declarations, unemployment database, social security obligations,
LIMOSA declarations for posted workers, professional cards for self-employed workers, and residence and/or
work permits.

Step 3 consists of building indicators and risk probabilities based on the collected and classified
inspection data. Two main indicators are produced:

Probability of observing undeclared work: This indicator measures how likely it is to find undeclared work
during an inspection. It is calculated as the number of inspections flagged as involving undeclared work
divided by the total number of inspections carried out. It answers the question: out of all inspections, how
many revealed undeclared work?

Rate of undeclared work: This indicator measures how important undeclared work is among all detected
infringements. It is calculated as the number of undeclared work infringements divided by the total number of
observed infringements. It answers the question: among all violations detected, what share relates specifically
to undeclared work?

Both indicators can be calculated by sector (e.g., construction, HORECA, or transport) and are used to identify
higher-risk areas. For example, in the construction sector, around 20% of inspections reveal undeclared work
and 34% of all observed infringements are related to undeclared work. In the HORECA sector, the probability
of finding undeclared work during an inspection is 65%, and 75% of all observed infringements concern
undeclared work. In the transport sector, the probability of finding undeclared work is 18%, and 67% of
observed infringements relate to undeclared work.

The measurement of undeclared work directly supports policy and enforcement decisions in Belgium. The
indicators and risk analyses are used for strategic inspection planning, the design of targeted prevention
campaigns, the evaluation of enforcement strategies, and legislative or regulatory adjustments where needed.
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In this way, measurement not only guides where inspections should take place, but also helps shape broader
policy responses to prevent and reduce undeclared work.

While this approach has several strengths, including the use of multiple data sources, a centralised
governance model, and the combination of legal frameworks with operational indicators, a number of
challenges remain. These include data gaps and variable data quality, the need to harmonise definitions
across institutions, challenges in measuring the impact of prevention efforts, the need to ensure that risk
models remain reliable and up to date, and the need to balance data protection requirements with enforcement
needs.

Source: based on the presentation by the SIIS of Belgium at the ELA-ILO Workshop (10-11 December 2025).

Similar to the questionnaire surveys, the strategies based on audits can also provide rich insights into any type of
misbehaviour and for any pre-selected population of interest. Nevertheless, this estimation strategy is seldom
applied in practice due to extremely high implementation costs, not only in monetary terms but also when it comes
to the time needed to finalise all stages (including the cases ending up in court) and the human resources required
to conduct such massive campaigns?®.

*k%k

SUMMARY - Direct methods
Description

Micro-analysis of a selected sample (e.g., individuals, companies, workers), with the results extrapolated to
the entire population.

Most common methods/ strategies

Questionnaire surveys, Tax audits

Examples from practice

= Labour Force surveys (LFS) — including combining them with establishment surveys (1-2 or 1-2-3
surveys), Special Eurobarometer Survey on undeclared work in the European Union

= Surveys dealing with social desirability bias: Longitudinal assessment of the illicit economic activities in
Bulgaria

= Periodic audit campaigns conducted by the USA’s Internal Revenue Service and campaigns by HMRC in
the United Kingdom

Advantages

= Methodologically most accurate approach to estimating concealed activities
= Highly adaptable, allowing estimation of any specific subgroup

= Provides detailed insight into the demographic and socio-economic characteristics of non-compliant
subjects, as well as the drivers and consequences of non-compliance

= Cost effective when using an already existing survey for measurement (e.g., LFS)
Disadvantages

= High implementation cost and time-consuming when done as a standalone survey.

= Might underestimates the true scale of the evaluated non-compliant activities (e.g., due to social
desirability bias)

Note: based on presentation by ELA at the ELA—ILO Workshop (10-11 December 2025)

9 Notable applications of this approach include periodic audit campaigns conducted by the USA’s Internal Revenue Service and continuous
(albeit on a smaller scale) campaigns by HMRC in the United Kingdom.
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3.4 Discrepancy methods

The substantial enhancements in the availability of large-scale reliable datasets over the last few decades paved
the way for the development of advanced data mining techniques. Consequently, numerous estimation procedures
searching for inconsistencies between two or more data sources on the same issue have been developed and are
currently used. There exist two broader subfamilies within this estimation paradigm. Expenditure-based methods
typically search for mismatches between reported revenues and statistics on expenditures of the observed units
(individuals, households, companies, etc.). This estimation approach is grounded on the assumption that the
analysed agents have no reason to hide information about their expenditures in surveys (e.g., household budget
surveys, household expenditure surveys, or various business surveys) and other data-collection procedures based
on self-reporting (OECD, 2002). Accordingly, the expenditure figures are treated as fully credible. At the same
time, it is assumed that statistics on income, such as those derived from tax returns, structural business statistics
and akin official sources, suffer from under-reporting due to the concealment of informal activities. The expenditure-
based methods hence typically require two steps: first, it is necessary to apply appropriate transformations to these
contrasting sources of information (which often includes complementing them with data from other sources, and
sometimes even applying advanced econometric modelling) so as to make them fully comparable. In the second
stage, discrepancies between the resulting datasets are evaluated and accordingly attributed to the informal
economic activities following a series of assumptions’?. Several variants of this estimation approach have been
developed so far, reflecting the wide palette of options for datasets to be contrasted, as well as of supplementary
statistics, extrapolation methods and assumptions underlying the discrepancy analysis in the last stage (see
OECD, 2002)..

A national experience in applying the expenditure discrepancy method, described during the workshop by the
National Statistics Office in Malta, is briefly discussed in Box 10.

Box 10. Application of expenditure discrepancy methods in Malta

The approach used by the National Statistics Office relies on comparing reported expenditure with declared
income from administrative data or other survey data in order to identify and quantify under-reporting. The
analysis is conducted at the level of industries rather than individual units.

One estimation procedure used household expenditure data, derived from household budget surveys, to
estimate spending on specific services (e.g. healthcare services such as physicians and dentists). These figures
were then contrasted with income declared by service providers, as reported in Structural Business Statistics.
The comparison revealed discrepancies, with a high level of under-declaration of income in this industry.

A similar approach was applied for the HoReCa, where estimates of total spending, based on both household
budget survey and tourist expenditure survey, were compared with declared revenues from business statistics.
Similarly, the discrepancies revealed the prevalence of under-reporting.

In other cases, notably short-term holiday accommodation (e.g. peer-to-peer rentals), the supply side data was
considered too incomplete or unreliable due to unregistered providers, VAT non-compliance and the prevalence
of such activities as secondary activities. In such instances, estimates rely primarily on expenditure data,
particularly from tourist expenditure surveys, which are considered more robust in capturing the overall
magnitude of the activity.

The Maltese experience also highlights that discrepancies and adjustment needs are particularly pronounced
in service industries, such as restaurants, retail, construction and personal care services, while being less

10 For instance, one of the core assumptions relates to the share of income spent during the reference period. The statistics on
savings are typically used for this purpose.
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evident in manufacturing, which is relatively well unionised. To address this, inspectorate data are used as a
complementary source to identify sectors with higher risks of non-compliance.

Overall, this example illustrates the flexibility of expenditure discrepancy methods, including their application
using different combinations of data sources (household budget surveys, tourism statistics, Structural Business
Statistics and data from the labour inspectorate), as well as their limitations in terms of sectoral coverage and
the level of aggregation at which analysis can be conducted.

Source: based on input from Maltese National Statistics Office at the ELA-ILO Workshop (10—11 December 2025)

The second group are the so-called supply-based methods, which contrast various sources of data on labour
market. Among the most popular supply-based approaches is the Labour Input Method, which essentially mimics
the procedures described above for the expenditure-based estimation strategies (Istat, 2008). However, this time
the self-reported figures by labour suppliers/workers are taken as the credible starting points for the estimation.
While such figures can be obtained from numerous resources, nationwide Labour Force Surveys are the most
common choice. Since these surveys typically do not directly inquire about the legitimacy of someone’s work
efforts, it is reasonable to assume that surveyed individuals have no reason to withhold information about their
labour inputs. Accordingly, the figures obtained from the Labour Force Survey or comparable surveys are treated
as fully credible (European Commission, 2017). This is certainly not the case for administrative sources on
employment, given that they cover only formal/ registered forms of engagement. In the same vein as other
discrepancy methods, the Labour Input Method first requires a series of modifications, amendments and
generalisations to be conducted on both sources of information so as to make them fully comparable. Once this is
achieved, any remaining discrepancies are attributed to undeclared work. This final stage again requires a range
of assumptions, which can exert substantial influence on the final results (European Commission, 2017).

Box 11. Estimates of undeclared work in the EU using the Labour Input Method

Faced with the limited comparability of available country-level estimates on the one hand, and significant social
desirability bias present in the Special Eurobarometer Survey on the other hand, in 2017, the European
Commission joined forces with the academics and professionals (assembled within the newly established
European Platform tackling undeclared work) in order to identify estimation method(s) that would yield highly
credible and fully comparable estimates of undeclared work across the EU. Following substantial efforts of all
included parties, the Labour Input Method was considered the most suitable option for this purpose. The
practical application of this method exposed significant variations in undeclared work among Member States,
ranging from 7.1% of gross value added in Germany to 27.3% in Poland’’ (European Commission, 2017). The
updated study (Franic et al, 2023), commissioned by the European Labour Authority in 2022, revealed a modest
decline in the prevalence of undeclared work at the EU-level, from 16.4% in 2013 to 14.8% of the gross value
added in 2019. Besides these macro-level estimates, both waves of the study provided deeper insight into the
structure of undeclared work, as well as into the factors underlying decisions of economic agents to conceal
their otherwise legitimate activities. The European Union Labour Force Survey (EU-LFS) and Structural
Business Statistics (SBS) were the primary sources of information in both studies.

Source: authors’ representation

The experience of a national authority, the Danish Tax Agency, in using Labour Input Method was presented
during the workshop and is briefly described in Box 12.

" These figures, which refer to 2013, apply only to the private sector. While some extrapolations to the whole economy were
made, they should be taken with caution.
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Box 12. Estimates of undeclared work in Denmark using the Labour Input Method

To reduce its reliance on external sources for estimating the size of undeclared work in Denmark, the Danish
Tax Agency has adopted the Labour Input Method. This shift responds to the limited operational usefulness
and infrequent availability of the previously used external data. By applying this method, the agency is setting
itself up be able to generate its own timely and reliable estimates. A key strength of these in-house estimates
is high level of accuracy, as they are based on individual-level microdata rather than aggregated figures,
combining information from the Danish Labour Force Survey and Danish tax data (elncome). The operational
identification of the discrepancy between survey-based and administrative working hours is illustrated in the
Figure 6 below.

Figure 6. Operational identification of undeclared working hours using the Labour Input Method

Measure 1 of labor input Measure 2 of labor input Discrepancy between measures
Number of working hours as Number of working hours as Number of working hours in
self-reported in household officially recorded in household survey in excess of
survey administrative data those in administrative data

Undeclared working hours +

declared working hours — Undeclared working hours

Declared working hours

The Danish Labour Force Survey is a quarterly household survey conducted by Statistics Denmark and
constitutes Denmark’s contribution to the EU-LFS, with an annual sample size of around 72,000 respondents
aged 15-74. The survey distinguishes between employed persons, unemployed persons, and those outside
the labour force. For the estimation purposes, only persons classified as employed (defined as having worked
at least one hour per week) and working in Denmark are considered, with a distinction made between wage
earners and non-wage earners (primarily self-employed individuals). A central input is the survey question on
actual hours worked during a specific reference week, which is used to estimate each respondent’s actual
working hours over a quarter.

Administrative tax data from the Danish elncome system constitute the second main data source used in
the Labour Input Method. Employers are required to report salaries and working hours for employees to the
Danish Tax Agency via the elIncome system, and these data are cleaned and anonymised by Statistics Denmark
for research purposes. For each individual, reported working hours are aggregated to a quarterly level in order
to be comparable with the Danish Labour Force Survey. Self-employed individuals are generally not mandated
to report working hours and income to the elncome system, which results in missing information for a large
share of self-employed respondents. To address this, the data are supplemented with tax return information,
and working hours for the self-employed are calculated using a method developed by Statistics Denmark.

The use of individual-level data addresses several shortcomings of aggregated approaches. It allows missing
administrative information to be imputed, corrections for overtime that should not be considered undeclared
work, the treatment of extreme values, and corrections for errors in administrative records using survey
information on contractual working hours in the public sector as a reference.

The results provide several complementary measures of the prevalence of undeclared work, including the
proportion of the population undertaking undeclared work, undeclared hours as a share of total hours worked,
and the gross value added generated by undeclared hours. In addition, the composition of undeclared work can
be analysed by key characteristics such as gender, age, region, occupation, income level, and sector of activity,
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allowing for a detailed profiling of undeclared work in Denmark. Overall estimates for 2015 indicate that 17% of
the employed population in Denmark were involved in some form of undeclared work (self-employed:
35%; wage earners: 15%). Moreover, undeclared hours accounted for about 6% of total hours worked
(self-employed: 18%; wage earners: 4%), and the gross value added generated by undeclared hours
amounted to approximately EUR 3.1 billion (self-employed: EUR 1.1 billion; wage earners: EUR 2.0 billion).
Undeclared work is more prevalent among men than women, among younger age groups, and among lower-
income (up to 3,000 EUR per month) and lower-skilled workers. The Danish Tax Agency intends to continue
using the Labour Input Method, as it provides autonomy in decomposing results and analysing undeclared work
across different population groups and labour market characteristics, with updated estimates planned for 2026
covering the period 2016-2024.

Source: based on presentation by Danish Tax Agency at the ELA-ILO Workshop (10—11 December 2025)

Even when labour force surveys do not include direct or indirect questions to assess undeclared work or
informal employment, as is the case for the EU-LFS, these data sources remain highly valuable for
measuring various forms of undeclared work (e.g., informal employment, under-declared employment,
undeclared self-employment). This is because they provide detailed and harmonised information on labour
market characteristics that can be compared with administrative data (for example, tax records and structural
business statistics). For example, the EU-LFS has been used as comparison and benchmark data within the
Labour Input Method to estimate undeclared work both at the European Union level and in Denmark, as described
above. Further details on how employment is measured in the EU-LFS were presented during the workshop
by Eurostat and are summarised in Box 13.

Box 13. Measurement of employment in the EU-LFS

The European Union Labour Force Survey is the largest European household sample survey providing
harmonised and comparable information on labour market participation across countries. It collects quarterly
and annual data on people aged 15 and over, covering both those in employment and unemployment, as well
as persons outside the labour force. The survey is based on international statistical standards developed by the
International Conference of Labour Statisticians and is implemented in 35 participating countries: the 27
Member States of the European Union, three EFTA countries (Iceland, Norway and Switzerland), and five EU
candidate countries (Bosnia and Herzegovina, Montenegro, North Macedonia, Serbia and Turkiye).

The EU-LFS is conducted by the National Statistical Institutes (NSlIs) in accordance with Regulation (EU)
2019/1700. National statistical institutes design national questionnaires, draw the samples, and carry out the
interviews, taking into account their national legal, social, economic and linguistic contexts. Eurostat provides
methodological guidance and support to national statistical institutes, ensures the use of harmonised concepts
and methods, monitors the implementation of the regulation, and disseminates comparable national and
European labour market statistics. This close cooperation between national statistical institutes and Eurostat is
essential to guarantee the quality, consistency and comparability of EU-LFS results across countries and over
time. To ensure that statistical results are comparable across countries and over time, the EU-LFS applies
common concepts and definitions, follows the resolutions of the International Conference of Labour
Statisticians, uses internationally agreed classifications (such as NACE, ISCO, ISCED and NUTS), and records
the same core set of characteristics in each participating country.

The main statistical purpose of the EU-LFS is to classify the resident population living in private
households into three mutually exclusive and exhaustive groups: employed persons, unemployed
persons, and persons outside the labour force. It covers a wide range of topics, including person and
household characteristics, labour market participation, educational attainment and background, job tenure,

25



European Platform
tackling undeclared work

ELA%

EUROPEAN LABOUR AUTHORITY

7R\ International
;‘jﬁ@% Labour
M\ Organization

working conditions, participation in education and training, health status and disability, as well as income,
consumption and elements of wealth.

Although the EU-LFS does not include direct or indirect questions on informal or undeclared work, it
records all work for pay or profit reported by respondents, regardless of the formality of the activity. The
survey provides rich information on employed persons, including demographic and socio-economic
characteristics (such as age, gender and household situation) and employment-related variables (such as type
of employment and work engagement, economic sector, hours worked, additional jobs and country of work).
For this reason, the EU-LFS is an important data source used by researchers and practitioners as an input for
estimating informality and undeclared work (e.g. used in the Labour Input Method). However, it is important to
note that some population sub-groups relevant for measuring undeclared work may be harder to reach through
standard sampling frames. Currently, proxies for informality are being explored, such as collecting
information on whether employment contracts are written or verbal.

Labour markets are increasingly characterised by non-standard and new forms of employment, including
diverse contractual arrangements, blurred boundaries between self-employment and paid employment,
dependent contractors, contributing family workers, and work mediated through digital platforms. These
developments pose challenges for traditional labour market statistics and require updated concepts and
measurement approaches. To address these challenges, Eurostat task forces are preparing the introduction
and implementation of these concepts in the EU-LFS to ensure that emerging forms of work are adequately
captured in line with user needs and international statistical frameworks.

Source: based on presentation by Eurostat at the ELA-ILO Workshop (10-11 December 2025)

In addition to sensitivity to the underlying assumptions, discrepancy methods also suffer from high implementation
cost, both in terms of time and resources needed for robust implementation (Istat, 2016). Moreover, discrepancy
methods often rely on microdata that are not always publicly accessible, which limits their applicability outside
national institutions that hold the raw data. For example, access to detailed EU-LFS microdata for research
purposes is subject to strict access conditions established by Eurostat. Only organisations that have been formally
recognised and accredited as research entities by Eurostat are eligible to request such data. To obtain this status,
an institution (e.g. university or research institute) must apply and be approved in advance. Once recognised, the
entity must submit a specific research project proposal through the Eurostat Microdata Access Portal and sign
confidentiality declarations or contractual terms before access is granted. This process, including institutional
certification and contractual commitments, creates additional time and administrative requirements for researchers
seeking to work with these datasets.

An additional limitation concerns the need to reconcile divergent data sources, which not only entails the risk of
bias, but also requires tedious adjustments after the changes in measurement methodology. What is more, since
relevant databases commonly cover residents only, accounting for the contribution of non-residents remains a
significant challenge.

However, this approach towards the quantification of concealed activities has some significant advantages over
previously described strategies. High flexibility is certainly the most important among them, given that these
methods impose few restrictions regarding the datasets and modelling used (Franic et al., 2023). On the contrary,
the more data they have available, the more accurate the results will be, provided that the reconciliation of the
multiple data sources is done properly. The biggest virtue of the discrepancy approach lies in easy adaptations to
specific groups of activities and agents (e.g. informal employment, informal self-employment, moonlighting, etc.).
This opens the prospects to produce an ensemble of estimates, whereby each method is applied to the
activities/sectors/units in which their strengths come to the fore, while biases are minimised.
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Data-mining techniques used to compare two or more independent sources of information on the same
subject. By identifying inconsistencies between datasets that should match if all activities were formally
reported, these methods deduce the scale of informality.

Most common methods/ strategies

= Expenditure-based methods: compare reported income (e.g., tax records, official earnings) with actual
expenditure data (e.g., household surveys, consumption statistics) to identify spending that cannot be
justified by declared earnings

=  Supply-based methods: compare self-reported labour input from surveys such as Labour Force Surveys
(hours worked, number of jobs, etc.) with official employment statistics that record only formal jobs —
differences suggest undeclared work

Examples from practice

= Estimates of undeclared work in the EU and Denmark using the Labour Input Method
Advantages

= Flexible and adaptable to specific activities, sectors or groups

= Greater accuracy with more data sources reconciled
= Possibility to combine methods for broader and less biased estimates

Disadvantages

= Time-consuming and methodologically complex

= High implementation cost in terms of expertise and resources

= Require detailed datasets that are often not publicly available

= Results are sensitive to underlying assumptions

= Risk of bias due to divergent data sources and high sensitivity to changes in measurement methodology

= Typically, do not provide detailed analysis of population characteristics or diversity needed for tailored
policies (unless conducted at the individual level or by type of undeclared activities and sectors)

= Accounting for the contribution of non-residents is extremely challenging

Source: based on presentation by ELA at the ELA-ILO Workshop (10-11 December 2025)

3.5 Multi-method approaches

Following increased awareness about the limitations of the existing methods, there has been a gradual switch from
the ‘one-size-fits-all’ approach towards a holistic approach in assessing the prevalence of concealed activities.
Although the first attempts to employ multiple methods in parallel on non-overlapping subparts of the economy, which
date back to the late 1990s, exposed a range of challenges and cast doubt on the cross-national comparability of the
final figures, significant improvements in this respect have been recorded during the following years (Eurostat, 2021;
OECD, 2002; UNECE, 2008). Thanks to the joint efforts by key international institutions, namely the International
Labour Organization, United Nations, Organisation for Economic Co-operation and Development (OECD) and
Eurostat, among others, multi-method estimation frameworks have gradually taken the scene.

A notable example of the reconciliation of different estimation paradigms is the Eurostat’s tabular approach to
exhaustiveness, which is used to ensure comprehensiveness of the national accounts in all EU Member States.
Specifically, since 2016, national statistical offices of the Member States have been required to integrate the results
of this multifaceted procedure into the estimates of the official GDP so as to get as realistic information about the
national economy as possible (Eurostat, 2021).

It should be mentioned that Eurostat’s tabular approach is not confined to inherently legitimate activities. Instead,
the idea is to account for all productive economic activities that contribute to the national gross domestic product,
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but are left outside official statistics for some reason. Jointly labelled ‘the non-observed economy’, these activities
are divided into seven exclusive categories to ease calculations (Eurostat, 2014). These are: N1 - Producers
deliberately not registering (underground); N2 - Producers deliberately not registering (illegal); N3 - Producers not
required to register; N4 - Legal persons not surveyed; N5 - Registered entrepreneurs not surveyed; N6: Producer
deliberately misreporting; N7: Other statistical deficiencies?2.

Respecting national specificities (including, but not confined to, the human and technical resources within the
national bodies responsible for the application), and recognising diversity with respect to available data, this
approach does not provide strict rules on the choice of methods to use, nor the exact procedural details for the
estimation process. Instead, only a broader set of recommendations is given, which offers a lot of room for the
national institutions to tailor the methodology to the local context (Eurostat, 2021). This flexibility, however, poses
some challenges to cross-country comparison. While some important advancements have already been made in
this respect, the issue remains high on the agenda of the European Commission's expert group on gross national
income (GNI Expert Group)?s.

Box 14. Towards greater transparency of the Eurostat’s tabular approach to exhaustiveness

Although the figures on the non-observed economy and its subcomponents have been a constituent part of
GDP estimates since 2016, the exact values and the technical details of the applied procedures have long
remained undisclosed. However, as part of the broader initiatives towards greater transparency of public
institutions, this recently started to change. The most important step in this respect happened in 2022, when the
GNI Expert Group granted public access to the documents related to its work. Even though several countries
have not yet disclosed their methodologies, the CIRCABC platform now provides detailed information about the
estimation procedures, periodicity of assessment, the extent and structure of the non-observed economy, and
other key details for the majority of the EU Member States.

Source: authors’ representation

Another multi-method strategy that ought to be mentioned is the one developed by OECD. Compared to
Eurostat’s tabular approach, which is contextualised for EU purposes, OECD’s approach imposes fewer rules and
offers even greater flexibility. Specifically, an exhaustive handbook on measuring the non-observed economy
provides a detailed insight into the available estimation methods, including their strengths, weaknesses and
recommendations for application (OECD, 2002). This flexibility enabled numerous non-EU countries to adapt this
approach to their specific needs’.

Although conceptually different, the ILO's method for estimating the proportion of informal employment in total
employment, disaggregated by sex, represents another example of successful integration of multiple estimation
paradigms. The ILO specifically employs this approach, as the custodian agency for the Sustainable
Development Goals (SDG) Indicator 8.3.1, to provide yearly trends at the regional and global levels. In this case,
a series of econometric models are employed to establish a relationship between market indicators of interest
(including the informal employment rate) and a set of macroeconomic variables, relying on the known values of

2 As can be seen, the bulk (but not all) of the activities embraced by the terms undeclared work and the informal economy
defined earlier in this report fall into the categories N1 and N6.

3 The GNI Expert Group is a Eurostat's advisory body composed of the representatives of national statistical offices and related
bodies. Among other things, it is responsible for the administration, control and methodological advancements of the Eurostat’s
tabular approach.

4 Georgia and Mexico are examples of countries whose statistical offices produce estimates of the non-observed economy
using country-adjusted variants of this multi-method approach.
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the former (ILO, 2025). These functional relationships are later used to make predictions of the target variables
based on the chosen set of macroeconomic variables (see Box 15).

Box 15. ILO’s statistics on the informal employment rate

ILO is the custodian agency for SDG indicator 8.3.1 on the proportion of informal employment in total
employment, by sector and sex. In this context, among a range of employment indicators, the ILO also
publishes yearly global and regional estimates of informal employment rates by sex. Depending on the data
availability, the benchmark values of the target variable are typically derived from labour force surveys or
various household surveys. In situations where such datasets do not exist, a population census can also be
taken into account. The explanatory variables are taken from a variety of third-party databases, with common
choices being the World Value Survey, the World Economic Outlook, the World Development Indicators and
the United Nations’ National Accounts Data. Of particular interest here are figures on GDP per capita, the
contribution of the government consumption towards GDP, the share of people under the poverty threshold(s),
the share of elderly in population, the share of minors in the population, the contribution of agriculture to the
total employment, the proportion of workers engaged in industrial sectors, and the level of urbanisation
(among others). A total of five econometric models is devised for each country, whereby the estimation error
is used to compare them and choose the best ones.

Thus, while these model-based estimations are essential for international reporting of SDG 8.3.1, they rely
heavily on estimates derived from direct measurement methods, such as those implemented through the
framework of the 21st ICLS Resolution on informality statistics. Therefore, the models complement, rather
than replace, the core ILO work, which focuses on generating detailed, high-quality, country-level data using
direct statistical methods and in line with the informal economy indicator framework (ILO; 2023c).

Source: authors’ representation

This approach differs from the model-based estimation strategies explained earlier in two important ways. First,
instead of utilising a predefined econometric model, ILO’s approach is based on the cross-validation procedure,
meaning that a series of different models are tested on the same data, and those that maximise prediction accuracy
are retained for later procedures (ILO, 2025). Secondly, instead of treating it as a latent variable, the ILO’s
approach makes use of the observed values of the target variable from the previous period(s) to devise a prediction
mechanism based on readily available macroeconomic indicators. While the choices of input variables and final
models differ between countries, the strict and robust evaluation procedure ensures a high level of comparability
between estimates for a total of 189 countries included in the ILO’s database (ILOSTAT, 2025).

During the workshop, ILO presented in more detail the coverage and range of indicators included in the informal
economy indicator framework, part of the 21st ICLS resolution (simplistic). The framework was developed to
provide a comprehensive description of the situation of workers and economic units in the informal economy,
capturing the diversity of their characteristics, working conditions, levels of protection, productivity, and contribution
to the economy. Rather than relying solely on a formal/informal dichotomy or on the incidence of informality, the
framework aims to support a deeper understanding of the multiple forms and drivers of informality. In doing so, it
seeks to inform the design of national, sectoral, and targeted policies and interventions, taking into account
country-specific contexts, priorities, and varying levels of political engagement in addressing informality and
facilitating transitions to formality.
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Box 16. Indicators in the informal economy indicator framework under the 215t ICLS

The indicators are organized around six dimensions and analysed across: (i) persons, jobs, and work
activities; (ii) economic units; and (iii) informal productive activities carried out by persons and economic units,
and draw on both direct and indirect data sources, as shown in Figure 7.

Figure 7. Indicators in the informal economy indicator framework under the 21st ICLS

Units of reference

Main dimensions

Economic units

Persons, jobs and work activities Informal productive

Informal
employment

Partly informal

infc Work activities Informal sector activities (contribution to
activities

(other) GDP)

1. Extentof
informality

2. Composition of
informality

3. Exposure to
informality

4. Working
conditions and
productivity

5. Contextual
vulnerability

F. Other structural
factors

The prevalence of informality across jobs, work activities, economic units and productive activities

P Monitoring purposes, including of SDG 8.3.1 and awareness raising; joint analysis with other
variables

The percentage of persons in informal employment and of economic units in the informal sector by
socio-demographic, employment-related characteristics and characteristics of the economic units and
socio-demographic characteristics of the owner or owners.

P> Identification of some of the drivers of informality associated to socio-demographic, employment
related and enterprise features; identify categories of workers and economic units most at risk of
informality which can support the definition of priority groups as part of gradual formalization
approaches.

The distribution of informal and formal jobs, work activities and economic units by socio-
demographic, employment-related characteristics and characteristics of the economic units and socio-
demographic characteristics of the owner or owners.

P Identification of the prevalent forms of informality, of groups most represented in numbers in
informal employment, informal work activities, informal sector economic units which can support
agreement on priority groups and sectors for policy interventions.

Working conditions and levels of protection for those in informal and formal employment, productivity
and factors constraining or enhancing the development and sustainability of informal sector economic
units and formal ones.

P Contributes to identify various levels of protection and/or of vulnerability associated to informal
and formal jobs and possibly work activities; identify the extent of decent work deficits, including
whether formal jobs mean decent jobs; contributes to the assessment of workers and economic
units “readiness” to formalize in a sustainable way in the short term

Indicators on poverty, income and social protection from all sources and for all household members
and in respect of the composition of households, such as households with people in formal
employment or households with at least one member contributing to social security.

P Complements the assessment of levels of protection and vulnerability associated to people’s own
job (dimension 4) to consider sources of protection or vulnerability within households and beyond
the world of work

Drivers of informality associated to the labour market structure and macroeconomic context. This
includes the identification of the prevalence of employment status, sectors, forms of employment and
work that are more likely to be informal. This also includes the analysis of growth and the sectoral
composition of growth.

P Complements the analysis of drivers of informality; identify structural factors of informality as part
of the labour market and the economy.
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The indicators described are included into informality diagnostics and used also for creating country profiles,
which include data that are widely available for job-related indicators, such as informal and formal employment
and employment in the informal sector, formal sector, or household own-use production sector’®. By contrast,
data are more limited and need further development for work activities, economic units, and contribution to
GDP.

Source: based on presentation by ILO at the ELA-ILO Workshop (10—-11 December 2025)

During the workshop, a national experience with a multi-method approach was presented by the Grey
Economy Information Unit (GEIU) in Finland, as described in Box 17.

Box 17. Estimating undeclared work in Finland (GEIU)

The Grey Economy Information Unit (GEIU) is an operational unit within the Finnish Tax Administration
whose aim is to obtain a comprehensive overview of the grey economy, not just specific parts of it. The grey
economy assumes activities by organizations that avoid payments for taxes, pension insurance, accident or
unemployment insurance, customs fees, or that attempt to obtain illegal repayments.

Tackling the grey economy is part of the supervisory and enforcement duties of a network of public bodies in
Finland, including the Finnish Tax Administration, Finnish Customs, the Employment Fund, the Workers’
Compensation Center, the Finnish Centre for Pensions, pension insurance companies, and accident insurance
companies, as well as many other public authorities.

The Grey Economy Information Unit (GEIU) uses a multi-method approach to estimate undeclared work in
Finland, combining several data sources and analytical techniques. A series of studies published in 2022
examined undeclared work in different types of businesses, including limited liability companies, sole traders
and employees in the private sector. Some studies focused on underreported employee wages, while others
estimated broader tax avoidance among sole traders.

The approach brings together methods such as statistical modelling, machine-learning tools, expert
judgement and the Labour Input Method. Using multiple methods allows GEIU to cross-check results and
build a more robust picture of undeclared work. The analysis follows a bottom-up logic, making it possible to
break results down by sector or company size, while acknowledging that estimates depend on the quality and
coverage of available data. In particular, the underlying data are largely drawn from audit information, with only
around 200 random audits conducted each year, which needs to be taken into account when interpreting the
result. For 2022, the estimated annual monetary value of undeclared work in Finland ranges between €900
million and €1,400 million, alongside an estimated tax gap (including the pension insurance gap) that ranges
between €300 million and €480 million. In terms of distribution, undeclared work is attributed mainly to
shareholders (45%), followed by wage earners (28%) and self-employed individuals (27%). For the tax gap,
wage earners account for the largest share (43%), followed by shareholders (33%) and self-employed
individuals (24%).

One innovative approach used to investigate undeclared work and shadow economy is a direct survey
of experts and prevention authorities. The survey collects views from public authorities and organisations on
observed developments in undeclared work, grey economy activities, prevention measures, and related risks,
as well as on emerging trends and changes in the operating environment. This expert survey has been

5 Further information can be accesed at: ILOSTAT - Data tools to find and download labour statistics (country data and ILO

modelled estimates for SDG 8.3.1): https://ilostat.ilo.org/data/; ILO informality dashboard - country level data explored

through a sectoral perspective (latest available and trends): https://www.unglobalaccelerator.org/resource/informality-

dashboard; Global, Regional and country profiles: https://transition2formality.in.howspace.com/?path=%2Fcountry-profiles.
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conducted annually since 2012, with the most recent wave carried out in 2025. The latest results underline
specific domains that require particular attention, including exploitation of foreign labour, bogus and forced self-
employment, social security abuse, abuse in the transport, restaurant and food sectors, VAT fraud, and the use
of virtual banks and currencies as tools for hidden activity.

Source: based on presentation by the GEIU of Finland at the ELA-ILO Workshop (10—11 December 2025)

Another example of a national experience with a multi-method approach to estimate the tax gap related to
undeclared taxable income was presented during the workshop by HMRC (UK). This focuses on income from
legal activities that should have been declared and taxed. The approach is outlined in Box 18 below.

Box 18. Estimating the hidden economy tax gap using a multi-method approach (UK — HMRC)

HMRC estimates the hidden economy tax gap for personal income taxes using a multi-method approach
that combines bottom-up management information with evidence from the Hidden Economy Survey and
administrative data'®. This overall framework is shown in the Figure 8 below. Undeclared income is divided into
two main components:

Earned income — income from employment or self-employment. Survey data are used to identify individuals
participating in the hidden economy and to estimate levels of undeclared earned income (moonlighters, who
declare at least one legitimate source of income but do not declare additional earnings from other activities, and
ghosts, who do not declare any of their income to HMRC).

Unearned income — income from sources such as property lettings or bank interest. For this component, HMRC
carries out a data-matching exercise comparing PAYE records with third-party information. PAYE (Pay As You
Earn) is the UK system through which income tax and National Insurance contributions are automatically
deducted from wages and pensions by employers. Individuals registered for PAYE who are found to have
unreported unearned income that should have been declared through Self-Assessment (SA) are treated as
moonlighters for tax gap purposes.

After accounting for relevant tax-free allowances, any remaining undeclared income is converted into an
estimate of tax liability and included in the hidden economy tax gap.

Figure 8. Hidden Economy Tax Gap — Methodology Breakdown

Earned income - Moonlighters Unearned Income - Moonlighters

Earned Income - Ghosts Unearned Income Ghosts

Using this methodology, for the tax year 2023-2024, HMRC estimates that the hidden economy tax gap
ranged between £1.3 billion and £1.5 billion. Of this total, moonlighters accounted for approximately £0.7
billion to £0.9 billion, while ghosts accounted for around £0.4 billion to £0.6 billion. These figures include both
earned and unearned income for moonlighters, and earned income only for ghosts.

Source: based on presentation by HMRC of the UK at the ELA-ILO Workshop (10—11 December 2025)

6 Further information is available in Measuring Tax Gaps 2025 edition: tax gap estimates for 2023 to 2024,
https://www.gov.uk/government/statistics/measuring-tax-gaps
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A further example of a multi-method approach was showcased during the workshop as part of the State
Research Project researching the shadow economy in Latvia (RE:SHADE) by a representative of the
Stockholm School of Economics in Riga (SSE Riga). The project brings together multiple complementary
activities, including measuring the size of the shadow economy, analysing administrative audit data, applying
machine-learning techniques to identify high-risk firms, and testing policy interventions through field experiments.
Together, these components aim not only to improve the measurement of the shadow economy but also to
generate practical evidence to support tax compliance, enforcement strategies, and policy design. These
components are briefly described in Box 19 below.

Box 19. Multi-method approach applied in Latvia under the RE:SHADE project

A new combined method for calculating the shadow economy was developed to improve the accuracy of
its measurement. The method combines two approaches: the direct micro-method developed by Putnins
and Sauka in 2015, based on survey data and the Shadow Economy Index, and the indirect macro-level
MIMIC method developed by Schneider. In the Baltic states, the MIMIC method has been specifically
calibrated for Latvia, Lithuania, and Estonia, rather than relying on calibration from other countries. Final
estimates are obtained by combining the calibrated MIMIC results with the direct micro-method using model-
average calculations. These results should be interpreted with caution, as the new methods and recalibrations
are not yet fully peer-reviewed. The results for Latvia (Table 4) show that all four approaches indicate a gradual
decline in the estimated size of the shadow economy between 2009 and 2023, despite some year-to-year
fluctuations. At the same time, the estimates produced by the different methods remain broadly close to each
other. The direct micro-method generally yields slightly higher values, while the MIMIC method tends to produce
lower estimates, with the calibrated MIMIC and combined method falling in between.

Table 4. Shadow economy estimates in Latvia using different methods, 2009-2023

=2} o - N © < 0 (] N~ © (=) o - N (%)
o by - - - by b - by by by N N N N
o o o o o o o o o o o o o o o
Method N N N N N N N N N N N N N N N
Putning 36.6 381 302 211 | 23.8|235 213 | 20.7 | 220 242 239 255 | 26.6 265 229
and Sauka
MIMIC 271 | 273 | 26,5 | 261 | 255 | 247 236 | 229 213 202 19.8 209  20.2  20.6 20.6
(Schneider)
Calibrated | 33.8 | 34.0 33.0 | 325 | 31.8 308 294 | 285 | 265 252 247 261 252 | 256  25.7
MIMIC

Combined | 35.2 | 36.1 | 31.6 | 26.8 | 27.8 271 | 264 | 246 243 | 247 | 243 | 258 | 259 | 26.1 | 243

The RE:SHADE project also analyses administrative enterprise-level data from the State Revenue Service
(SRS). SRS data on inspections conducted in enterprises are used to apply machine-learning tools that
allow the identification of enterprises with a high risk of tax evasion. Tax audit results are used to create a
training sample indicating whether enterprises evade taxes, and four alternative algorithms are implemented:
Random Forest, Gradient Boosting, Artificial Neural Network, and a Logit model. Based on these algorithms,
the predicted proportion of enterprises that evade labour taxes ranges from around 30% to 40%. Results by
sector indicate particularly high risks in accommodation and food services, while wholesale/retail trade and
manufacturing show the lowest shares of tax-evading firms.

A further component of the RE:SHADE project was a field experiment designed to test whether different
types of communication can promote voluntary tax compliance among firms with an increased risk of
envelope wages. In September 2021, seven different notifications were sent to 3,929 companies. The basic
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message informed firms that the average salary in their company did not reach 70% of the industry average.
Three letters varied the stated probability of an audit (5%, 33%, and 66%), while three other letters emphasised
pro-social messages, such as social norms, trust in the State Revenue Service, and the importance of fighting
the shadow economy. A control group did not receive any notification. The experiment generated additional
revenue to the state budget of approximately €1.5 million over the period September-December 2021.

The analysis conducted as a part of RE:SHADE project also presents estimates of the tax gap in Latvia,
defined as the amount of lost taxes on legal goods and services that form part of the cash or undeclared
economy (‘uncollected taxes’), excluding illegal goods and services. For 2020, total lost tax revenue from
shadow economy activities, tax evasion and smuggling is estimated at around €2.7 billion, equivalent to about
9.2% of GDP. Labour taxes (personal income tax and social security contributions) account for around 78% of
total tax revenue lost, followed by value added tax (9%) and excise duties (8%).

Source: based on presentation by a SEE Riga representative at the ELA-ILO Workshop (10-11 December 2025)

*k%

SUMMARY - Multi-method approaches

Description

Combine several estimation methods to measure different parts of undeclared or informal activities. Rather
than relying on a single ‘one-size-fits-all’ technique, each method is applied where it performs best, minimizing
biases and improving accuracy. The estimates for non-overlapping components are then brought together to
produce a more comprehensive picture of informality and undeclared work.

Most common methods/ strategies

Aim to adopt a holistic perspective, combining multiple methods to capture the different components of
informality and undeclared work.

Examples from practice

= Eurostat’s tabular approach to exhaustiveness: ensures comprehensive national accounts across all EU
Member States

= OECD’s multi-method approach to exhaustiveness (more flexible and easier to adapt by non-EU
countries)

= |LO's method for estimating the informal employment rate
Advantages
= Highly flexible in application
=  Provide insight into different aspects of the non-observed economy
= Have seen significant methodological improvements in recent years
Disadvantages
= Highly time-consuming to implement
= Require many datasets, most of which are not publicly accessible
Note: based on presentation by ELA at the ELA-ILO Workshop (10—11 December 2025)

3.6 A note on the comparability of the estimates

Although the availability of a dozen estimation tools is highly beneficial, it also poses significant challenges and
raises some important questions. The most important among these questions is why different estimation
methods typically provide divergent (sometimes even substantially) results for the same population of
interest and the same time period. The related sub-question is which method(s) provide the most credible
results. As can be deduced from the discussion presented in this section, there is no straightforward answer
to either of these two questions. Instead, the judgments depend on the quality and quantity of the input data, the
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plausibility of assumptions underlying the procedures and the ability of the chosen technique(s) to capture the
targeted activities.

In many cases, the divergence arises from the lack of overlap between the phenomena under analysis, which is
frequently observed even in situations when the terminology is identical. As explained, there are hundreds of
different names and definitions, whereby one-to-one matching between names and definitions is more an
exception than a rule. Accordingly, assuming that two studies provide estimates for an identical set of activities
simply because both use the same term is a simplistic approach that typically leads to wrong conclusions. Instead,
the essential first step when comparing results from different studies is to examine the accompanying definitions,
to see whether and to what extent the evaluated phenomena overlap.

Another important source of confusion is the difference in the units of measurement. As mentioned, some studies
provide estimates in the form of a percentage of GDP or akin economic indicators (e.g., tax revenue), while others
benchmark the results on economic agents. The share of the workforce, proportion of businesses and the
percentage of the adult population are hence also frequently seen as the units of measurement. If the reader fails
to spot this subtlety, not only do they risk making a wrong conclusion about the prevalence of the observed
phenomenon, but also about the credibility of the figures they are looking at.

Figure 9: Comparison of three different estimates of the informal economy in Baltic countries for the
period 2009-2020, in % of GDP
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Source: extracted from MIMIC - Asllani, Dell’Anno and Schneider (2024); Shadow Economy Index - Sauka and Putnin$ (2025);
DGE - World Bank (2026)

However, the difference in estimation methodology is sometimes the sole (and frequently significant) source of the
discrepancy between the results of various studies. Figure 9 illustrates a typical situation faced by subsequent
users of the produced estimates’”. It compares estimates of the informal economy in Baltic countries for the 2009-
2020 period based on three different methods. As can be seen, the estimates for the informal economy in Latvia

7 Despite using different terms, the three studies estimate identical sets of activities.
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for 2010 range from as low as 14.1% of GDP (MIMIC) to as high as 38.1% (Shadow Economy Index). Although
less pronounced, non-negligible discrepancies are also evident for Lithuania and Estonia.

In situations like the one presented in Figure 9, the ground truth probably lies somewhere between the figures
provided by these diverging studies. Nevertheless, a thorough analysis of procedures and assumptions underlying
each of the contrasted studies commonly leads to a conclusion about the most credible results. This, however,
requires in-depth knowledge about the estimation methods in question.

Finally, the discussion presented in this section show that each method has its place in the complex and
multifaceted task of quantifying informal economic activities. For example, direct methods are particularly
strong in collecting additional information such as motivations and consequences, as in surveys, but they tend to
produce lower bound estimates when measuring the size of the phenomenon if concrete measures to reduce
social desirability bias are not in place. In situations where other methods remain quiet, even seemingly dull
approaches can come to the rescue.

4.0 Synthesis of key insights from the
discussions in workshop sessions and
parallel working groups

4.1 Making the invisible visible: why measuring undeclared
work and informality matters

During the workshop, a central point of discussion was the importance of understanding why measuring
undeclared work and informality matters. Participants agreed that measurement is not an end in itself, but
a practical and strategic tool to better understand the phenomenon, support policy choices, and improve
enforcement and formalisation efforts. In particular, participants highlighted that measurement helps to:

» Build awareness and understanding of the phenomenon. Measurement makes an otherwise invisible
issue more visible by providing evidence on the scale, forms, drivers, and groups affected by undeclared
work and informality.

Examples shared during the workshop: EU Labour Force Survey, national labour force surveys including
questions to assess informal employment (e.g., Georgia and Mexico), Hidden Economy Survey in the UK,
audit and inspection data from Belgium and Finland, Shadow Economy Index (Baltic countries), Labour
Input Method estimates in Denmark.

» Provide evidence for better policy design and reform. Reliable datasets and associated indicators
support the design of evidence-based policies, help identify priority areas, and allow policymakers to assess
what works and what does not.

Examples shared during the workshop: Finland uses measurement results to justify its national strategy and
action plan on the grey economy (2024-2027); Belgium relies on data mining and risk analysis as the
backbone of its governance and prioritisation cycle; HMRC in the UK uses measurement to better
understand population groups and behaviours, support risk analysis, and contribute to the political objective
of closing the tax gap: the 21st ICLS informal economy indicator framework moves beyond the formal-

36



ELA%

EUROPEAN LABOUR AUTHORITY

£ N .
‘?ﬁ.@‘b Il?tgrnatlonal European Platform
!l iy abour tackling undeclared work

{w Organization

informal dichotomy to capture the diversity within the informal economy, design and monitor national,
sectoral or targeted tailored policies and interventions while allowing for comparisons across countries and
regions.

» Improve targeting and effectiveness of enforcement. Measurement supports risk-based approaches,
enabling labour inspectorates and tax authorities to focus inspections where risks are highest and to improve
strike rates (i.e. the proportion of inspections that actually detect undeclared work).

Examples shared during the workshop: Many enforcement authorities prioritise inspections based on risk
analysis rather than simply increasing the number of inspections.

» Support financial and economic assessments. Data allows estimation of lost tax and social-security
revenues, assessment of market distortions, and understanding of the economic impact of informality and
undeclared work.

Examples shared during the workshop: Tax administrations estimate VAT and tax gaps in Finland, Poland
and the UK; researchers estimate the tax gap in Latvia.

» Strengthen communication with decision makers and the public. Clear and credible data strengthens
political narratives, supports transparency, and helps justify additional resources and long-term action.

Examples shared during the workshop: INEGI in Mexico releases quarterly informality indicators early in the
morning for media uptake; Finland’s Ministry of Employment publicly endorses the findings and calls for
broad cooperation; the undeclared work studies in Finland have a permanent and prominent place on the
authorities’ joint Grey Economy & Economic Crime website and are the most visited content on the site.

» Promote inclusion and decent work. Measurement helps ensure that formalisation strategies aim not only
at compliance, but also at reducing decent-work deficits and improving productivity so that no one is left
behind.

Examples shared during the workshop: ILO diagnostics on informality; countries analysing informal
employment in agriculture and vulnerable sectors (e.g., Armenia).

» Enhance cooperation between institutions. Measurement encourages closer collaboration between
labour inspectorates, tax authorities and other enforcement authorities and statistical offices, combining
administrative and survey data to build a more complete picture.

Examples shared during the workshop: Cooperation between the Danish Tax Agency and the Statistics
Denmark for LIM estimates from microdata.

4.2 Data needs and main data providers

Workshop participants highlighted that the demand for data on undeclared work and informality is primarily
driven by the needs of policy makers and enforcement authorities. Policy makers use data to guide reforms,
justify new legislation, allocate resources, and support policies, often in response to concrete debates such as
minimum wage increases or concerns about the relationship between productivity and wages. Enforcement
authorities rely on data to plan risk-based interventions, target inspections, and evaluate operational
effectiveness. National accounts statisticians and labour market statisticians use such data to improve the
exhaustiveness of macroeconomic aggregates, including GDP, and to provide estimates for the size of the formal
and informal economy. Social partners, researchers, and the media also act as important drivers of demand for
data, seeking evidence for analysis, benchmarking, and communication with the wider public. Overall, participants
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stressed that trust in statistics and the practical usefulness of the results are key factors in sustaining measurement
efforts.

A clear consensus emerged that no single data source is sufficient. Tackling undeclared work and supporting
formalisation requires a combination of survey data, administrative data, and operational data from
enforcement activities, complemented by qualitative information. Administrative sources such as tax,
social security, employment and pension records are essential for estimating gaps, identifying inconsistencies,
and assessing revenue losses. Survey data, particularly labour force surveys and population censuses, are crucial
for capturing informal employment and understanding workers’ characteristics and drivers of informality.
Operational data from labour inspectorates and tax authorities (inspections, findings, risk profiles) support
targeting, strategic planning, and the assessment of enforcement effectiveness. At the same time, inspection-
based data were seen mainly as useful for assessing the performance of enforcement, rather than for extrapolating
the overall size of undeclared work. Tax authorities were highlighted as having a particular capacity to “follow the
money”, including through access to bank account information. Qualitative data were considered particularly
important for hard-to-measure groups and phenomena, such as irregular migrants or complex forms of under-
declared work, and can be provided in particular by social partners and other stakeholders with close links to
affected workers and enterprises. Overall, reliable data are needed to support formalisation, protect workers’ rights,
and strengthen labour market regulation and protection.

Despite the broad agreement on data needs and required sources, participants emphasised that producing and
accessing such data remain challenging. While progress has been made, a range of institutional, technical,
and legal barriers continues to limit effective data production, integration, and sharing. These barriers and
challenges are discussed in more detail in the next section.

4.3 Keykchallenges in measuring informality and undeclared
wor

Workshop participants identified several barriers that hinder effective data production, integration, and sharing.
They described multiple, interconnected challenges affecting how undeclared work and informality are measured..
These challenges concern how informality and undeclared work are defined and measured, the availability and
quality of data, the ability of institutions to coordinate and exchange information, and the resources and skills
available for data analysis and use, as outlined below.

» Conceptual and definitional complexity

From the presentations and discussions, it was evident that multiple terms, concepts, and definitions related to
informality and undeclared work exists, many of which overlap or are used interchangeably. Differences in
underlying objectives, boundaries, and scope across institutions and countries reflect the complexity of human
economic activities and the varying mandates and priorities of stakeholders. Cultural and contextual factors further
influence how informality is understood, reported, and interpreted. As a result, comparing figures across countries
and even within countries is difficult, and divergent estimates can generate confusion and undermine trust in
statistics.

» Measurement approaches and their limitations

All measurement methods were recognised as having strengths and weaknesses, and their suitability depends on
the purpose of the estimate. No single method can meet all analytical and policy needs. Survey-based,
administrative, and operational data each capture different dimensions of informality, and large discrepancies
between results derived from different approaches were reported. Participants stressed that it is therefore essential

38



ELAWE

EUROPEAN LABOUR AUTHORITY

£ N .
‘5"] I]:Q\‘b rtgrnatlonal European Platform
!l iy ot tackling undeclared work

{w Organization

to be transparent about what is being measured, how it is measured, and for what purpose, and to acknowledge
uncertainty and limitations.

» Data gaps and hard-to-measure phenomena

Participants highlighted persistent data-related challenges, including high non-response rates linked to low trust in
institutions and limited understanding of why data are collected. Gaps remain in existing data sources, and no
comprehensive source captures all forms of undeclared work and informality. Hard-to-measure groups and
activities include certain occupations (e.g. artists), mobile and posted workers, migrants, and complex forms of
under-declared work. New forms of work, particularly platform work, pose additional challenges as legal
frameworks and statistical classifications are not always up to date.

» Data sharing and institutional coordination barriers

A recurring concern was the limited cooperation and data sharing between statistical offices, labour inspectorates,
and tax authorities. Participants noted that enforcement authorities and statistical institutions often have different
objectives, and boundaries between their mandates can restrict data exchange. It was also observed that data
flows are frequently one-directional, with enforcement authorities usually receiving data from statistical offices but
rarely providing data back to them, even in aggregated form. Legal and confidentiality constraints frequently limit
access to microdata, with many institutions only able to share aggregated information. In several countries, formal
memoranda of understanding are required even for sharing anonymised data, while in others sharing with
academics or external researchers is heavily restricted. The absence of common identifiers and interoperable
systems further hampers the linking of datasets, resulting in inconsistent figures and an incomplete overall picture.

» Resource, analytical and capacity constraints

An issue raised was that challenges relate not only to the collection of additional data, but also to the ability to
analyse, interpret, and use existing data effectively. In several countries, the quality and structure of available data
are not sufficient to support more sophisticated or integrated analysis. Limited time, financial resources, and
staffing constrain the capacity of institutions to develop new methodologies, maintain regular measurement, and
update existing systems.

Gaps were also reported in advanced analytical skills, including big data analytics and the use of modern data
science tools. While automation, machine learning, and artificial intelligence can support tasks such as risk
assessment and pattern detection, it was emphasised that these tools cannot replace human expertise,
judgement, and contextual understanding.

Capacity building was therefore identified as a priority for statistical offices, labour inspectorates, and tax
authorities, alongside efforts to make better use of existing resources, particularly with regard to data analysis
skills (including the effective use of artificial intelligence and advanced analytical tools). Resources were described
as rarely sufficient, making strategic prioritisation and cooperation across institutions essential to strengthen
analytical capacity and improve the overall use of data for policy and enforcement purposes. Participants noted
that in some cases access to data between institutions involves financial costs, as datasets must be purchased.

4.4 Opportunities and practical suggestions for strengthening
the measurement of informality and undeclared work

The 21st ICLS Resolution and ILO Recommendation No. 204 offer an important opportunity to strengthen the
measurement of informality and undeclared work. The 21st ICLS Resolution is aligned conceptually with informality
and policy guidance as set out in Recommendation No. 204. It clarifies the measurement of informal productive

39



ELA%

EUROPEAN LABOUR AUTHORITY

£ N .
‘5"] I@‘b :?tgrnatlonal European Platform
!l y roont tackling undeclared work

{w Organization

activities by economic units and persons in the formal sector, the informal sector, and household own-use
production, thereby improving conceptual clarity, statistical precision, and international comparability. Also, it
provides strengthened definitions and practical guidance for operationalising these concepts, including clearer
recommendations on which criteria to use and how different criteria can be combined in measurement. It supports
more consistent and harmonised measurement of informal employment across countries, contributing to improved
statistics and greater comparability among more than 100 countries that currently measure informal employment.
It is also increasingly relevant for high-income countries, notably through the introduction of concepts such as
formal employment with partly informal activities and guidance ensuring that operationalisation reflects labour
market realities in advanced economies. Finally, the associated indicator framework provides a useful tool to
guide countries in producing policy-relevant indicators to inform the design, monitoring, and evaluation of tailored
policies addressing informality and undeclared work in their diversity. In this context, according to the ILO, the
development of integrated strategies and action plans to support the transition to formality requires careful
consideration of the heterogeneity of situations, forms of informality, and country-specific needs and opportunities.
This diversity implies that there is no single pathway to formality. Instead, it underscores the importance of
diagnostics and a shared understanding of the nature and drivers of informality among stakeholders. Effective
strategies, therefore, need to address the multiple and interconnected drivers of informality through a broad range
of complementary interventions spanning different policy areas and involving multiple actors. At the same time, a
‘leave no one behind’ approach is essential, with formalisation processes aimed at reducing decent work deficits
and increasing productivity in the informal economy, while ensuring that transitions to formality are inclusive,
gradual, and sustainable. This diversity in the nature and drivers of informality is also reflected in the holistic
framework promoted by the ELA and the European Platform tackling undeclared work, which provides a similar
roadmap for addressing undeclared work in the EU. This framework highlights the need to set clear objectives that
facilitate the transformation of undeclared work into declared work, the need for a coordinated cross-government
approach to better understand, capture and tackle the phenomenon, as well as the need to use a wide range of
policy measures to address the different facets of undeclared work.

Despite the significant challenges identified, workshop participants also highlighted a range of practical
opportunities and solutions to strengthen the measurement of informality and undeclared work and to improve the
use and sharing of data. These practical suggestions are briefly described below.

» Apply international statistical standards and common methodologies

The systematic application of international statistical standards, in particular the 21st ICLS Resolution and related
ILO guidance, was identified as a key opportunity to strengthen measurement. The use of harmonised
definitions and common methodological frameworks supports greater consistency and cross-country
comparability and provides a shared reference for national measurement systems. Participants noted that
applying these standards to measure different forms of informality and undeclared work can improve both
conceptual clarity and statistical coherence. Examples of such applications were highlighted during the workshop
in countries such as Armenia, Mexico and Georgia. At national and, where relevant, EU level, the development of
common methodological approaches was seen as an important step towards reducing discrepancies between
estimates produced by different institutions.

» Strengthen interoperability and linking of datasets

Improving the interoperability of administrative, survey, and operational datasets was considered essential for
building more complete and integrated measurement systems. Participants highlighted the need to introduce
common identifiers and technical solutions that allow datasets held by statistical offices, tax administrations, and
labour inspectorates to be linked. The development of central registries and the combination of databases were
seen as practical ways to improve coverage and analytical potential, provided that time consistency and data
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quality are ensured. Some participants also suggested exploring the feasibility of a common EU-level database or
shared infrastructure to facilitate comparability and coordinated analysis.

» Enhance data sharing and institutional cooperation

Stronger cooperation and data sharing between institutions were repeatedly identified as priorities. Participants
emphasised the need for clearer governance arrangements, memoranda of understanding, and agreed protocols
for data exchange, including the sharing of microdata where legally possible. Clarifying data ownership and the
respective roles and responsibilities of different institutions in measurement was seen as important for avoiding
duplication and gaps. Cross-institutional collaboration involving state bodies, statistical institutions, academics,
social partners, and other stakeholders was highlighted as a way to strengthen both measurement and analytical
capacity. Good practices showcased during the workshop include cooperation between Finland’s Grey Economy
Information Unit and the Tax Gap Team, collaboration between Denmark’s Tax Authority and Statistical Office,
engagement of multiple actors in Latvia (academia, public authorities, social partners, media), Belgium’s SIIS-
coordinated centralised database, and real-time data exchange between tax and social security bodies in Portugal.

» Make better use of advanced analytics, Al, and data mining

Participants pointed to the potential of data mining, machine learning, and artificial intelligence to better identify
informal activities, support risk assessment, and improve targeting and analysis. Advanced analytics can help
detect patterns and predict informality in specific sectors, thereby strengthening both measurement and
enforcement. At the same time, participants stressed that such tools should complement, rather than replace,
human expertise and judgement. Ensuring high data quality was seen as a prerequisite for the effective use of
advanced analytical techniques.

» Improve survey design and data collection practices

Several practical suggestions focused on improving survey-based measurement. The use of indirect
questioning techniques and carefully designed sequences of questions in labour force and household
surveys can help reduce social desirability bias and improve reporting of sensitive activities. Participants
also noted that data collection on informality should preferably be carried out by statistical offices or third-party
data collectors, rather than enforcement authorities, to increase respondents’ willingness to disclose information.
Avoiding survey fatigue by limiting repeated questioning of the same individuals was highlighted as important. In
addition, experimental data and partnerships with private actors, such as banks and companies, were mentioned
as possible complementary sources, for example, to improve the identification of migrant workers.

» Leverage inputs from social partners and other actors

Engaging employer organisations and workers’ organisations was seen as a valuable way to complement official
data. These actors can provide qualitative insights into root causes, emerging risks, sector-specific practices, and
changes in labour markets that are difficult to capture through quantitative sources alone. Such inputs can
strengthen the interpretation of statistical results and help ensure that the measurement reflects realities on the
ground.

» Strengthen analytical capacity and resources

Participants highlighted the importance of investing in analytical capacity within statistical offices, labour
inspectorates, and tax authorities, particularly in data analysis and the use of advanced analytical and Al tools.
Adequate time, staffing, and financial resources are needed to support regular analysis, methodological
development, and effective use of existing data. Better use of current data was often seen as more necessary than
collecting additional data. Making data available to academics and other external organisations, where appropriate
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and in line with confidentiality requirements, was also seen as a way to enable analysis beyond the capacity and
resources of data-owning institutions.

» Improve communication and awareness

Finally, participants stressed the need to strengthen communication among institutions to support methodological
coherence and consistent use of data. Improving communication with policy makers and the public on the nature,
scale, and impacts of undeclared work and informality was also considered important. The ability to estimate and
communicate the expected impact of policy measures was highlighted as critical, as evidence on potential impacts
is often a key factor influencing decision-making.

In conclusion, the discussions highlighted why informality and undeclared work need to be measured. They also
outlined how measurement is carried out in practice and how policymakers and enforcement authorities use the
data. Together, these insights help clarify the challenges involved and contribute to a clearer understanding of
practical solutions for strengthening measurement systems. The exchanges on international standards, national
experiences, and innovative tools helped clarify how different data sources and methods can be combined, for
which purposes, and with what limitations. The identification of practical ways forward, particularly regarding data
sharing, interoperability, analytical capacity, and institutional cooperation, provides a solid basis for improving the
quality, comparability, and policy relevance of data and for better supporting evidence-based actions to reduce
undeclared work and promote the transition to formality.
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